
 

 

TPM Vol. 32, No. 3, 2025         Open Access 

ISSN: 1972-6325   

https://www.tpmap.org/ 

1441 

 

  

ANALYZING ECONOMIC TRENDS AND THEIR IMPACT 

ON STRATEGIC FINANCIAL DECISION-MAKING FOR 

BUSINESSES" 
 

NUDRAT FARIHA1, MOHAMMED SHAHADAT HOSEN2, SUSMITA 

PAUL3, MOHAMMAD SUDIPTA PAUL4, HUMERA KHAN5 

 
1BUSINESS ANALYTICS, UNIVERSITY OF BRIDGEPORT.EMAIL: nfariha@my.bridgeport.edu 

ORCHID ID: 0009-0004-4825-1500 
2MBA IN BUSINESS ANALYTICS, GANNON UNIVERSITY, ERIE, PA, USA, EMAIL: hosen001@gannon.edu 

3STUDENT, INFORMATION TECHNOLOGY, WASHINGTON UNIVERSITY OF SCIENCE AND TECHNOLOGY, 

UNITED STATES OF AMERICA, EMAIL ADDRESS: susmitapompa@gmail.com 
4STUDENT, INFORMATION TECHNOLOGY, WASHINGTON UNIVERSITY OF SCIENCE AND TECHNOLOGY, 

UNITED STATES OF AMERICA, EMAIL: sudiptapaul.act@gmail.com 
5ASSISTANT PROFESSOR, INFORMATION SYSTEMS, COLLEGE OF COMPUTING & INFORMATION 

TECHNOLOGY, NORTHERN BORDER UNIVERSITY, SAUDI ARABIA, EMAIL: humairakhan_1@hotmail.com 

 

Abstract: The main analytical tool in this study is predictive analytics for analyzing historical economic 

records that combines with real-time data when performing risk monitoring and opportunity 

identification. The artificial intelligence analytics lower market risks, which supports long-term 

expansion, according to the study findings. The increasing complexity of global economic conditions 

necessitates the adoption of AI and data-driven management in strategic financial decision-making. 

Numerous organizations make use of analytics tools to study economic patterns simultaneously while 

improving their financial planning abilities and assessment-based choices. The implementation of AI 

predictions by financial organizations and policymakers requires organizations. The operational 

processes of their AI models because of increased decision-making demands. AI technology boosts 

financial plan confidence. It reveals to businesses and regulatory groups what AI predictions entail to 

preserve auditing standards. AI systems linked with blockchain technology create systems that measure 

economic data while strengthening security measures so data stays secure and complete. Blockchain 

ensures economic data stays untampered through its capability to supply truthful information for AI 

models. The ability of financial institutions and government agencies to improve their economic 

planning. AI systems that apply data analysis enabled new forecasting approaches to deliver modern 

prediction capabilities to economic outcome evaluations. It helps to improve efficiency for business 

leaders and policymakers. 

Keywords: AI-driven financial decision-making, Data analytics in business strategy, Predictive 

analytics in finance, AI-powered risk management, Data-driven management strategies, Sentiment 

analysis for market insights 

 

1.INTRODUCTION 

 

Organizations analyze economic trends in order to develop effective business strategies. This practice enables them 

to predict market changes and optimize their operations while remaining competitive. Companies use knowledge of 

inflation with interest rates and consumer confidence to adjust prices and handle expenses (Bussière et al., 

2011). Economic trends exert substantial influence on business evaluation that determines the marketplace worth of 

each company. Current economic conditions demand a careful analysis of factors to make smart decisions that support 

sustainable business successes in uncertain environments (D., Johan, and Reardon, 2023). Businesses that aspire to 

succeed in changing markets need strategic planning with integrated economic trend evaluation. This information 

system reveals future prospects and obstacles that direct resource management decisions and product evolution 

strategies (Czinkota et al., 2007).  

Artificial intelligence transformed into a strategic innovation during the past years for multiple industries, including 

human resources management. The duration needed to finish tasks with occasional biased judgments from human 

resource personnel characterizes this process. The use of artificial intelligence in human resource management 

revolutionized the entire recruitment and performance assessment and training development processes (Mohammed 

Shahadat Hosen, 2024). The capabilities of AI Better understanding of these technological capabilities led to the 

inevitable implementation of standardization processes and other HR functions. Other HR functions alongside 

standardization processes began adopting this technology with machine learning as well as natural language 
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processing and predictive analytics (Mohammed Shahadat Hosen 2024). 

The rapid development of technology has generated higher vulnerability against cyber threats. The threats to digital 

systems appear in two main forms and ransomware attacks alongside fishing schemes and Advanced Persistent Threats 

(Mohammed Shahadat Hosen, 2024). The combination of complete data science tools with methodologies has proven 

itself as a solution for enhancing cybersecurity capabilities. The approach provides established results to enhance 

security operations in the cyber domain. The system analyzes substantial data volumes to identify risky zones and 

security hazards. provide automated solutions for them (Mohammed Shahadat Hosen,2024). 

The reduction of errors resulting from biased perspectives becomes possible through this method. The analysis may 

uncover The assessment reveals procedural shortcomings that help organizations enhance their operational systems 

and reduce substantial expenses from their budgets. time and money (Mohammed Shahadat Hosen, 2024). Trend 

forecasting capabilities through data allow businesses to detect changes in the market pattern. Organizations retrieve 

their data from multiple origins, including social media networks. sales, customers, and even internal operations 

(Mohammed Shahadat Hosen, 2024).The accountant performs financial record-keeping and sales and equity-related 

expense evaluation while managing funds and verifying tax compliance. The accountant must verify that all tax 

obligations are fulfilled (Muhammad Mohsin, 2024). Financial information about company finances becomes 

available through accounting, which leads to well-supported, correct decisions from individuals. founded on actual 

data (Babatunde, 2019). The financial management of the project rests solely with the accountant despite their other 

responsibilities. (Mohammed Shahadat Hosen, 2024). 

Supply chain management has become a complex task because today’s fast-changing business conditions need 

optimized systems that handle stock availability (Md Anayet Ullah, 2024).Various organizations operate with better 

forecasting accuracy and optimized inventory levels and reduced operational costs and accelerated decision-making 

processes through machine learning and deep learning (Md Anayet Ullah, 2024).The current society places strong 

emphasis on information security because organizations increasingly depend on computerized systems to carry out 

their operations. Experiential changes in threat patterns such as APTs, ransomware, and supply chain attacks create 

urgent demand for current technology adoption to strengthen cybersecurity (Khalid Alqarni, 2024).The rise of security 

threats has motivated AI, blockchain and ML technologies to act as solutions against these threats (Khalid Alqarni , 

2024). 

1.1 The role of AI and data-driven management in financial strategy. 

The artificial intelligence tools supply financial professionals with sophisticated economic trend understanding, which 

leads to strategic decision creation (Machireddy et al., 2021). The main advantage of using AI for financial strategy 

development involves enhancement of operational efficiency. AI technologies execute repetitive tasks in finance 

management, which reduces both human mistakes and provides time for staff to dedicate their efforts toward key 

business initiatives. The automated system generates higher productivity and cost reduction that optimizes financial 

operations (Lopez, 2023). AI systems perform risk management duties through the identification of potential risks and 

both fraudulent transactions and financial anomalies (Yu et al., 2021). Artificial intelligence operates financial tools 

that enable institutions to take anticipatory action to protect their financial assets. 

AI enables financial analysts to base their investments on data and achieve better asset distribution, which results in 

higher returns with decreased risk levels (Ionescu and Diaconita, 2023). Modern financial planning and strategic 

decision-making undergo a fundamental change because of AI with data-oriented management methods. Artificial 

intelligence-based insights help organizations achieve optimal financial decisions by enhancing their resource 

distribution and supporting them in developing extended-term development strategies. AI development enhances its 

impact on financial operations so that it transforms present and future business strategy and financial planning systems 

(Khunger, 2022). 

 
Figure 1: Distribution of Benefits from AI and Data Driven Management in Financial Strategy 

 

1.2 Businesses Use Data Analytics to Navigate Economic Uncertainties 

Businesses face substantial difficulties when operating in uncertain economic times, including market instability and 
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global crises with inflation. The increase of risk management and decision-making depends on data analytics for 

organizations (Bloom, 2014). Businesses that examine historical data and market indicators gain the ability to detect 

forthcoming downturns with inflationary strains and supply chain disturbance patterns (Kohli and Grover, 2008). 

Cloud-based analytics enable businesses to get instant performance data about their sales and consumer trends and 

operational activities through their systems (Sebastian et al., 2020). 

 Businesses remain stable through market changes because of their adjustable operational capabilities. Machine 

learning algorithms find patterns that reveal fraud activities as well as cyber threats alongside economic downturn 

risks (Altig et al., 2020). The analysis of workforce performance with supply chain operations and operational 

spending enables companies to detect cost-reduction areas that preserve quality (Shankar, 2002). Companies need to 

understand consumer activities effectively throughout dream markets. Companies employ data analytics tools to 

monitor consumer buying behavior with sentiment evaluation data and customer taste patterns (Wang et al., 2016). 

1.3 AI & Data-Driven Management in Financial Decision-Making 

The combination of artificial intelligence with data-driven management approaches enables businesses to utilize vast 

financial data that results in strategic planning, detection of patterns, and processing massive amounts of information 

for better decision-making (Pillai,  2023).The use of AI for financial analysis automation depends on machine learning 

algorithms to detect patterns along with irregularities present in financial information (Selvarajan, 2021).The 

conventional approach to making financial decisions required human analysis of data through manual means requiring 

substantial time and leading to unreliable results (Adewale et al., 2023).Businesses make market trend and revenue 

fluctuation and investment risk predictions utilizing AI-powered predictive analytics solutions (Lopez,  2023). 

The combination of financial institutions and hedge funds depends on AI-powered models to produce stock market 

trend predictions and optimize their portfolio management systems (Machireddy et al., 2021).Companies that 

implement AI in their financial decision processes obtain enhanced financial steadiness as well as enduring business 

development. JPMorgan Chase uses AI to detect fraud and assess risk which supports the bank to minimize financial 

losses and defend customer assets (Sekar, 2024).PayPal implements machine learning algorithms to conduct 

fraudulent transaction identification for security enhancement (Boinapalli, 2023). 

1.4 The Role of Data Analytics in Business Strategy 

 The strategic importance of data analytics now drives the planning process for contemporary businesses, especially 

within financial operations. Businesses across industries use data processing to enhance financial operational 

efficiency and protect against potential risks because digital transformation has become prevalent (Akter et al., 2016). 

The implementation of financial decision support based on data analytics drives organizations toward better strategic 

choices that create market expansion and competitive advantages (Alsghaier et al., 2017). Businesses face critical 

operational challenges from economic uncertainties, which include inflation combined with altering interest rate 

conditions and global political tensions (Kunc and O’Brien, 2019). Risk assessment tools operated by financial 

institutions help them analyze investment prospects while reducing their market volatility exposure (Sheikh and Goje, 

2021). 

 

2 LITERATURE REVIEW 

 

2.1 AI in Financial Decision-Making 

Artificial intelligence brought significant changes to the financial sector through its integration process. The quick 

technological development in AI financial models made a complete shift in business methods for risk evaluation, 

market prediction, and financial strategy optimization. (Ionescu and Diaconita, 2023). AI programs process live 

streams of tremendous data, which enables them to detect unusual patterns that human expert would miss (Owolabi 

et al., 2024). Financial management undergoes major changes through machine learning and deep learning 

technologies that enhance decision-making capabilities while decreasing operational safety threats (Mullang et al., 

2018). The learning models benefit from ongoing data analysis, which results in progressive improvement of 

predictive functions. 

 The artificial neural network structure in deep learning, which functions as an ML subset, enables the processing of 

complex financial datasets (Mui and McCarthy, 1987). Hedge funds with investment firms leverage deep learning 

algorithms for constructing elaborate trading methods that utilize active market price variations (Thakur and Sharma, 

2024). AI applications in financial management, robotic advisory programs, and major capabilities. The combination 

of artificial intelligence with AI algorithms guides people toward automated investments by matching their financial 

targets with risk-management capabilities (Maurya et al., 2024). The development of AI technologies increases their 

financial decision-making capabilities, which produce wiser, more protective, and more responsive financial 

approaches (Xia et al., 2024). 
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Figure 2: AI Implementation in Financial Decision- Making 

 

2.2 Data Analytics in Business Strategy 

2.2.1 The Impact of Big Data Analytics on Economic Forecasting  

The analysis of vast data through big data analytics transformed economic forecasting because it allows businesses to 

examine combinations of structured and unstructured data sets instantaneously. The implementation of AI along with 

machine learning gives businesses the ability to process various data types that include financial records as well as 

market statistics and consumer actions and world economic data points, leading to improved prediction accuracy 

(Wang and Zhao, 2022). AI models function with real-time volatile data feeds that help identify signs of economic 

decline before risks emerge; therefore, businesses prevent damage more effectively (Angelica and Mariluzia, 2022).  

Financial institutions use sentiment analysis, which is a part of big data analytics, to evaluate trends on social media 

platforms alongside news articles and customer feedback for economic sentiment evaluation before readjusting their 

strategies (Lin and Wei, 2024). Big data analytics helps economic forecasting through its implementation within 

supply chain management systems. Businesses that utilize AI-driven data insights predict demand variations, and they 

achieve maximum operational efficiency with optimal inventory distribution (Elshendy and Fronzetti, 2017). 

Predictive analytics has proven essential recently because it assists businesses to adapt during uncertain times similar 

to the COVID-19 outbreak by providing updated market data analysis (Richardson, 2018). 

2.2.2 Case Studies on Successful AI-Driven Financial Strategies 

Many companies achieved success by deploying artificial intelligence strategies for financial oversight, which both 

improved their organizational decisions and their financial performance. Real-time transaction detection of suspicious 

activities happens through AI-powered fraud detection systems operated by JPMorgan Chase. The bank lowers the 

number of fraudulent transactions while strengthening customer security measures (Daiya, 2024). BlackRock 

currently functions as the world's biggest asset management firm by implementing AI-driven financial models to 

enhance its investment strategies. With Aladdin, BlackRock made big data analytics the backbone of their operations 

to examine market dangers, automatically control portfolios, and forecast future investment choices (Challoumis, 

2024). 

AI-based approaches and financial organizations increase their investment output and minimize mistakes in financial 

choices. Amazon uses real-time data collection of market requirements alongside competitor prices and consumer 

actions to adjust product prices, which boosts profitability and customer contentment (Bolesta et al., 2024). The data-

based approach led Amazon to dominate the retail industry and proved the effectiveness of artificial intelligence in 

optimizing financial operations. Business strategy undergoes fundamental change through big data analytics. It 

delivers practical economic prediction results alongside critical financial determination tools. 

2.2.3 Economic Trend Analysis Using AI 

The field of economic trend analysis has been revolutionized through artificial intelligence. It allows businesses and 

financial institutions to use sophisticated tools for understanding important macroeconomic data sets. The analytical 

power of AI enables it to process massive amounts of information along with discovering abstract relationships that 

create better predictive solutions for decision support (Challoumis, 2024). The most vital macroeconomic indicators 

consist of Gross Domestic Product inflation rates, unemployment levels, interest rates, and stock market trends. AI-

based models determine GDP alterations by processing up-to-date statistics related to consumer spending, industrial 

performance, and international commerce (Nosova et al., 2021). 

The analysis of inflation with the Consumer Price Index involves machine learning models that scan pricing patterns 

within multiple marketplaces (Mou, 2019). AI brings major contributions to labor market tracking through its ability 

to analyze job market statistics with wage patterns and employment pattern changes (El Khatib et al., 2024). The 

evaluation of central bank policies combined with financial statements alongside market reactions results in AI system 

predictions about interest rate movements (Furman and Seamans, 2019). The analysis of financial indicators with 

artificial intelligence enables organizations with government officials to change their strategies both defensively 



 

 

TPM Vol. 32, No. 3, 2025         Open Access 

ISSN: 1972-6325   

https://www.tpmap.org/ 

1445 

 

  

against potential risks and offensively to pursue new business prospects (Ernst, E., Merola, and Samaan, 2019). AI 

predictive modeling acts as an essential tool in financial markets, where it spots investment deals and minimizes 

investment dangers (Kelly and Bruestle, 2011). 

The AI analytical models process economic indicators in ways better than traditional practices and therefore enhance 

financial investment selection choices (Lee and Park, 2019). The deployment of AI systems in financial analysis 

especially benefits hedge funds while providing asset management firms powerful capabilities (Huang and 

Maksimovic, 2019). The Federal Reserve, along with similar central banks, implements AI-powered models to 

measure economy stability through prediction of recession likelihood (Chib et al., 2024). The assessment of 

macroeconomic indicators by businesses has become more precise due to the utilization of AI as a fundamental tool 

in economic trend analysis (Always et al., 2020). 

 

3. METHODOLOGY 

 

3.1 Predictive Analytics for Financial Forecasting 

The research utilizes predictive analytics with online surveys and case studies for understanding economic trends and 

their impact on financial processes. The predictive analytics system achieves economic prediction through financial 

data processing with the help of artificial intelligence and machine learning capabilities for pattern recognition. The 

survey method permits information acquisition through web-based methods from both financial experts and business 

administrators and economic specialists as they share their AI-based financial operational practices. 

3.2 Sentiment Analysis for Market Insights 

 Financial professionals depend on artificial intelligence to extract market sentiment from data streams that combine 

fund results with news stories and public investment sentiment. AI sentiment analysis employs its high processing 

capability to conduct market sentiment evaluation. It is an analysis of extensive textual documents starting from 

financial news and continuing to social media content and investor reports. Market confidence levels develop from 

investor and business interpretation of positive and negative. It enables them to forecast economic conditions ahead. 

Business investment strategies transition through uncertain times with better operational results thanks to the AI 

system that performs sentiment analysis for financial organizations. 

 

4. CHALLENGES AND ETHICAL CONSIDERATIONS 

 

4.1 Data privacy and security risks in AI-driven financial management. 

Artificial intelligence-based financial operations encounter many challenges since data security and privacy concerns 

constitute the main obstacles. Businesses in the financial sector that combine artificial intelligence solutions with big 

data technology for monetary tasks face substantial risks of severe data. AI-based financial analysis causes ethical 

problems because the decision support systems fail to operate objectively or provide transparency in operations. AI 

systems create discriminatory outcomes by using their algorithms, which induce officials to discriminate during loan 

and investment-related decisions. The preservation of trust in financial integrity requires immediate solutions that 

stem from proper implementations of AI. 

 

Table 1: Global AI Adoption in Financial Decision-Making 

Region 

AI Investment in 

Finance (Billion 

USD) 

Key Data Privacy 

Regulations 
Market Impact Challenges 

North 

America 
$35.20  

GDPR (EU-affiliated), 

CCPA (California) 

High AI adoption in 

banking, trading, 

and risk 

management 

Cybersecurity threats, 

regulatory compliance 

Europe $28.70  
GDPR (General Data 

Protection Regulation) 

AI-driven fraud 

detection, 

automated financial 

services 

Data protection concerns, AI 

bias 

Asia-Pacific $42.10  
PDPA (Singapore), 

China’s PIPL 

Rapid AI integration 

in fintech and stock 

market analysis 

AI ethics, lack of skilled 

workforce 

Middle East $10.50  
DIFC Data Protection 

Law (UAE) 

AI used for 

financial inclusion 

and investment 

analysis 

Limited AI infrastructure, 

data security 

Latin $7.90  LGPD (Brazil) Emerging AI Regulatory gaps, digital 
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America applications in 

banking and lending 

transformation 

Africa $4.30  POPIA (South Africa) 

AI adoption 

growing in mobile 

banking and credit 

scoring 

Limited AI infrastructure, 

cybersecurity risks 

 

4.2 Ethical implications of algorithmic decision-making in finance. 

Finance-based AI applications face their main ethical challenges because of stringent demands for transparency. Users 

struggle to comprehend their choice operation systems in financial algorithms, which makes these algorithms function 

as black box algorithms. Complex financial decision processes derive from their unexplainable nature, causing 

regulators and consumers to fail in identifying who holds responsibility for decisions. Electronic system trust and 

financial regulatory adherence are ensured by users when explainable model algorithms become standard practice. 

Financial AI models have such extensive approval capabilities that identifying accountable persons following their 

model errors becomes an extremely challenging task. 

 
Figure 3: Ethical Concerns in AI -Driven Financial Decision making 

 

4.3 Regulatory compliance and governance in AI-based financial analytics. 

Financial institutions applying AI for decision-making implement worldwide regulations that encompass. The 

European GDPR with the US CCPA and additional data protection laws exclusive to particular regions. Data collection 

standards with processing and storage procedures under the regulations. It ensures the privacy protection of customer 

information and blocks unauthorized system access. Financial institutions using AI-based analytics develop ethical 

rules coupled with responsibility systems to minimize possible safety threats from automated systems. Hurricane Peak 

works under frameworks established by the Basel Committee that let financial regulators evaluate banking-sector AI 

risk management systems. Human role retention is essential in compliance systems to track AI financial operations. 

4.4 Data privacy and security issues in AI-driven finance. 

The foremost difficulty lies in preventing both unauthorized user access to critical data and cyber system-targeted 

threats. Cyberattacks on financial organizations combine the methods of exposing data along with phishing schemes 

and fraud operations powered by artificial intelligence capabilities. Security risk reduction demands financial 

institutions implement both encryption systems and multiple authentication checks with constant AI threat 

identification abilities. AI models function according to GDPR, CCPA, and other data protection regulations. 

Biologically driven financial analytics require transparent operational processes for customers who need evidence of 

data handling procedures. Three AI tools that businesses use to address privacy issues are blockchain-based security 

frameworks with differential privacy and federated learning. 

4.5 Rules and regulations control both artificial intelligence and financial analytic domains.  

Financial sector organizations worldwide with domestic institutions have developed implementation standards. The 

General Data Protection Regulation serves as the most important privacy requirement under European Union AI 

financial analysis governance. AI systems generate better decisions because the California Consumer Privacy Act 

allows American financial consumers to control their data in the United States. 
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Figure 4: Key Challenges in AI -Driven Financial Analytics 

 

5. CONCLUSION AND FUTURE DIRECTIONS 

 

The essential system helps businesses discover marketplace patterns to create exact methods for economic risk 

management. AI finance applications ethically depend on fixing privacy issues in datasets by implementing suitable 

algorithms to defeat bias and building each essential regulation. The combination of universities and researchers needs 

to perform additional research regarding sustainable financial solutions constructed with AI technology while studying 

how quantum computing impacts financial modeling and AI governance frameworks in financial institutions. 

Artificial intelligence technology joins forces with legal control networks to support all forthcoming financial 

decisions during the advancement of artificial intelligence systems. 

5.1 Recommendations for businesses adopting AI in financial decision-making. 

Financial organizations need to maintain a continuous flow of financial data updates and market condition data for the 

updates of their AI models. The recommended deployment steps let businesses introduce AI technology into financial 

operations to boost operational performance and market position stability through increasing dependence on artificial 

intelligence in financial sectors. The former statistical models coexist with deep learning algorithms due to improved 

processing capabilities of large datasets. The analysis of economic data verifies alternative information sources to be 

increasingly vital components of the contemporary major analysis trends. Current economic insight processing by 

artificial intelligence-based models uses a combination of social platform analytics with remote imaging and online 

tracking and search behavior and device monitoring to make decisions. NLP processing of non-traditional datasets 

helps businesses gain customer sentiment information. It is supply chain risk alerts as well as global political risks to 

enhance their market trend predictions for financial planning. 

AI models apply reinforcement learning, which brings novel approaches to traditional economic forecasting 

algorithms because prior predictions enable the updates of models using new available economic data. Economic 

prediction models have better outcomes when they show self-improvement capabilities. Businesses today do not use 

cloud analytics for operations because they deploy AI models directly on their network-edge devices. Businesses 

deploy this method to obtain quick economic processing speeds and reliable decision systems, which provide 

immediate data analysis capabilities necessary in fintech and global trade operations. The economic forecasting sector 

requires explainable AI to function as an indispensable technology foundation. Organizations give detailed 

explanations about AI model functions because AI predictions have risen in importance for financial applications and 

policy decisions. XAI holds value for financial decision trust because it lets businesses and regulators monitor AI 

forecast processes, which maintains accountability and transparency. 
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