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Abstract:

Perceived inequality how individuals and groups personally experience and judge disparities in
resources, treatment, and chances has recently gained attention as a powerful psychological factor
shaping everything from group solidarity to well-being and public participation. Scholarly emphasis
has moved from cataloging established quantitative markers—most notably income Gini coefficients—
to investigating the subjective horizons through which those markers are interpreted. This article
advances a multilevel psychological framework specifically oriented to unpack perceived inequality as
it unfolds through individuals, aggregate social segments, and the broader symbolic order. By
integrating rigorously calibrated psychometric tools, standardized contextual controls, and sophisticated
multilevel analytical frameworks, the present study clarifies how stable belief structures and transient
situational triggers coactivate to shape perceptual modulation. Extensive cross-domain empirical
triangulation, spanning varied sociocultural, economic, and political constellations, undergirds the
formulation of praxis-oriented, evidence-grounded directives for policymakers, mental health
practitioners, and empirical social researchers who strive to attenuate the deleterious momentum of
inequality on subjective well-being and on the integrity of collective social fabric.
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I. INTRODUCTION

1.1 Conceptualizing Perceived Inequality

Perceived inequality signifies the judgment individuals render regarding the equity of distributions of resources,
opportunities, and status in any specific context, including neighbourhoods, workplaces, or entire nations [2]. Such
judgments are inherently subjective, centring not on empirical disparitiessuch as quantile income differentials or
examination score variancesbut on psychological states: apprehensions of injustice, trepidations of marginalisation,
and the anxieties associated with potential social disdain [1].

1.2 Why Perceptions Matter Beyond Objective Metrics

Quantitative measures such as the Gini coefficient provide rigorous portraiture of wealth stratification but fail to
capture the subjective meanings that either fuel societal conflict or nurture civic endurance. Human actors calibrate
choices according to perceived distributions rather than to statistical aggregates [4]. A society may record narrow
quantitative differentials yet ignite turbulence the instant a solvent majority concludes that the underlying processes
are distorted. Because belief in inequality holds as much currency as inequality itself, perceptions govern legitimacy
perceptions of public institutions, modulate healthcare-seeking practices, shade educational aspirations, and either
relax or constrict the associative bonds that undergird neighborhoods and polity. Supplementing the objective with
psychological and cultural dimensions thus reveals how distributions of resources infiltrate everyday action and
reconstruct the tenor of collective life [3].
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1.3 Multilevel Framework: Individual, Group, and Societal Layers

A multilevel analytical architecture is required to apprehend comprehensively the texture of social inequality as it is
inhabiting by social actors. The individual dimension records micro-encounters of relative deprivation, the calibrations
enacted within tight peer constellations, and the sequela of affective and cognitive reappraisals provoked by those
encounters. The group dimension then recontextualizes those micro-experiences by interleaving them with collective
memories, salient group identities, and the prevailing attitudes of reference within the relevant social milieu, thereby
producing a communal inflection of the same inequality. The macro, finally, situates both the individual and communal
readings within a wider constellation of media representations, formal institutional decisions, and hegemonic
discursive frameworks, which together delineate the interpretive horizon within which both persons and collectives
revise, contest, or resign themselves to personal and group-level inequities.

II. THEORETICAL BACKGROUND AND LITERATURE REVIEW

2.1 Psychological Constructs of Fairness, Justice, and Entitlement

Discomfort regarding asymmetric distributions arises from several interconnected cognitive and affective mechanisms
that focus on fairness, justice, and perceived entitlement. Extending equity theory, individuals routinely assess the
ratio of their own contributions to the corresponding outcomes and juxtapose this ratio with that of salient comparison
others; a pronounced and persistent disparity prompts emotional reactionstypically, animosity directed at the referent
or self-directed self-criticismentailing a behavioural push toward restoring the perceived relational balance [5].

2.2 The Role of Identity and Comparison in Perception

Together, these theoretical elements shape the evaluative frames individuals employ when appraising unequal
distributions. The ingredients coalesce into the perceptual lenses that bring judgments of disparity into focus.
Whenever individuals ground their self-identities in distinguishing categoriesbe it race, gender, occupation, or
othersthose categories govern the cognitive spotlight, directing their selective attunement and determining which
facets of the disparity are foregrounded and which are eclipsed. Attention moves from what is interior and
idiosyncratic to what is exterior and socially marked, redirecting the inner conversation to the coordinate points of
collective life. Alongside this, the urge to compare surfaces: you scan the people around you and register gaps in
wealth, recognition, or safety. This isn’t mere curiosity but a gauge you trust to nudge you either back into the fold or
out into the open.

2.3 Societal Narratives and Media Influence

Institutions and civic life are continuously remade by the main stories circulated on screens and in print [6]. When the
news and entertainment spotlight inequitable outcomes, violence against marginalized people, or barriers to resource
access, those injustices appear as lived truths, prompting public conversation and calls for change. In contrast,
televised spectacles of individual triumph and cosmetic programmes that gloss over redistribution risks pushing the
conversation back to notions of personal failings, dulling the sense of shared responsibility [7]. Each frame, headline,
and meme thus shapes sometimes in subtle, and sometimes in dramatic, way show the public conceives the problem
of difference in society and how deeply that difference is felt as a call to action. In digital arenas, algorithmic feeds
can insulate audiences within filter bubbles, repeatedly affirming the inequalities they already expect, or, less
commonly, introducing narratives that unsettle those convictions [8].

III. METHODOLOGY

3.1 Participant Recruitment and Socioeconomic Sampling

Our hiring campaign stretched from large urban school districts to clusters of smaller market towns, consciously
spanning three distinct regional profiles marked by varying median income, levels of educational attainment, and the
industries that anchor local employment. Deliberate attention to geographic heterogeneity therefore guaranteed that
recruitment encompassed respondents from each socioeconomic stratum [9]. Within each sampling locale, we enacted
a stratified framework, partitioning the population of interest into explicit strata. The resultant sampling design thereby
preserved balance across sex, age brackets, and predominant occupational groups. Such precautions attenuated
demographic confounding and fortified the applicability of the conclusions to populations that transcend the specific
sites of data collection [10].

3.2 Instrument Design: Item Generation and Thematic Anchors
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The survey research tool was developed through a systematic multi-stage process of item formulation, which
combined an extensive literature review, consultations with domain experts, and cognitive interviews with pilot
respondents [11]. Candidate items were drawn and modified from established measurement scales that investigate
perceived distributive justice, status-related distress, beliefs about social mobility, and feelings of entitlement.
Following the initial aggregation of items, we organized them into four thematic domains: access to resources, social
comparison, institutional justice, and discrepancies between aspirations and lived experience. Throughout the
development process, a series of workshop panelsconsisting of psychologists, sociologists, and community
advocatesexamined the instrument at each developmental phase to verify cultural appropriateness and to maintain
coherence with the relevant theoretical constructs.

[12].

33 Statistical Techniques: EFA, CFA, and Multilevel Structural Equation Modeling (MSEM)
Subsequently, we conducted Confirmatory Factor Analysis (CFA) in order to rigorously evaluate the invariance of
the extracted factor structure across pre-specified analytic subsamples, measuring the degree of syntactic
correspondences between the hypothesized model and the observed data through the comparative fit index (CFI), the
root mean square error of approximation (RMSEA), and the standardized root mean square residual (SRMR)[13].The
final analytic phase employed Multilevel Structural Equation Modeling (MSEM) to delineate the diffusion of
perceived inequality across individual and collective strata of analysis[14]. This framework afforded the simultaneous
recovery of direct and mediated effects, conditional upon relevant contextual covariates, thereby elucidating the
cognitive and affective conduits by which inequalities are first registered and later reified[15].

IV. RESULTS

4.1 Descriptive Overview and Demographic Trends

Female identifications accounted for 52% of the sample, with the remainder divided evenly between male and non-
binary responders. Participants reported educational attainment from primary completion to postgraduate degrees, and
nearly 40% indicated some form of financial strain in the preceding year. The preliminary analysis showed that rural
residents and individuals in the lowest-income brackets perceived inequality in notably sharper terms, particularly
regarding equitable access to opportunities and perceived fairness in institutional treatment.

4.2 Psychometric Properties: Reliability and Construct Validity

The reliability assessments exhibited strong performance at every tier of analysis. Internal consistency, measured by
Cronbach’s alpha, varied from 0.82 for the micro-level items and reached 0.89 for the macro-level domains, indicating
dependable item agreement. A confirmatory factor analysis validated the three-level structure, producing indices that
confirmed the model’s superior fit: CFI was 0.94, RMSEA 0.045, and SRMR 0. 041.All items kept in the final model
registered factor loadings above 0.60, reinforcing the instrument’s construct validity. Additional tests for convergent
and discriminant validity affirmed the conceptual integrity of the subscales within the overarching multilevel structure.

V. DISCUSSION

Interpretation of Latent Constructs and Multilevel Dynamics

Across our analyses, we repeatedly uncover three interrelated latent dimensions guiding how individuals perceive
inequality: first, a pervasive sense of distributive injustice; second, a comparison-based awareness of personal
disadvantage; and third, a generalized mistrust directed at institutional frameworks. At the individual level, people
reported a sharp focus on what they regarded as unfair treatment and on barriers to essential services. These personal
evaluations were amplified, however, by group-level processes: experiences of exclusion or perceptions of favoritism
within workplaces, communities, or social networks deepened feelings of injustice. Respondents further adjusted their
perspectives by weighing them against the broader social landscape confidence in public institutions, prevailing media
narratives, and the specific character of local job markets. Our MSEM framework mapped and empirically checked
these linkages, showing that notions of inequality cannot be reduced to personal encounters; instead, they form through
a series of interlinked exchanges crossing individual, collective, and societal levels.

Table 1: Multilevel Predictors of Perceived Inequality Across Individual, Group, and Societal Layers
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The table 1 illustrates how our sense of inequality is shaped by psychological stress, the salience of our social groups,
and the degree of trust we extend to society. At the individual, group, and societal levels, different yet interlinked
factors come into play. Findings here lend strong support to a multilevel framework for unpacking why inequality is
perceived the way it is.

VI. CONCLUSION AND RECOMMENDATIONS

We set out to advance how scholars and policymakers unpack perceived inequality by testing a multilevel
psychometric model spanning personal, social, and macro levels of experience. Our data trajectory confirmed that
people register inequality not just in salary and wealth gradients but through a set of subconscious microsystems
friends’ attitudes, neighbourhood symbols, and nation-wide narratives. These small-scale realities replay themselves
in minds and hearts, inviting anxiety about what others seem to possess and we appear to lack. Our scale performed
well on every psychometric front. Internal reliability exceeded 0.88, convergent and discriminant patterns aligned as
expected, and multilevel fit statistics hovered at CFI = 0.94 and RMSEA = 0.045. Hierarchical Multilevel Structural
Equation Modeling demonstrated how national context, group norms, and personal biography jointly shape the sense
of unfairness
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