TPM Vol. 32, No. S8, 2025
ISSN: 1972-6325
https://www.tpmap.org/

ORGANIZATION GENERAL INTELLIGENCE: A
PARADIGM SHIFT IN ENTERPRISE ARTIFICIAL
INTELLIGENCE

MOHAMED RIZWAN SYED SULAIMAN

INDEPENDENT RESEARCHER

Open Access

Abstract

Organization General Intelligence (OGI) represents a transformative paradigm in enterprise artificial
intelligence that transcends the limitations of fragmented, task-specific Al deployments. While
contemporary organizations have widely adopted specialized Al systems for discrete functions such
as customer service automation, demand forecasting, and quality control, these implementations
remain informationally and operationally disconnected, perpetuating organizational silos and
constraining strategic value. OGI addresses this fundamental architectural constraint by
reconceptualizing enterprise Al as a unified cognitive architecture rather than a collection of isolated
tools. Drawing from theoretical foundations in distributed artificial intelligence, multi-agent
systems, knowledge representation, and bounded rationality, OGI pursues general intelligence
within the bounded universe of a specific organization, enabling depth of understanding and
functional sophistication unattainable in either narrow Al or universal AGI approaches. The
architecture comprises two interdependent components: a centralized knowledge foundation that
integrates heterogeneous data sources through advanced knowledge graphs and semantic
technologies, and a network of specialized autonomous Al agents representing distinct business
domains that collaborate through sophisticated inter-agent communication protocols. This integrated
system enables qualitatively new forms of organizational intelligence, transforming strategic
decision-making from sequential departmental analysis requiring manual synthesis to automated
orchestration of specialized analyses that continuously share intermediate findings and account for
cross-functional dependencies. Beyond strategic decision support, OGI facilitates continuous
organizational optimization through real-time monitoring, predictive analytics, and adaptive
response capabilities that shift enterprises from reactive problem-solving to anticipatory
intelligence. The operational manifestation of OGI transcends incremental efficiency gains,
fundamentally altering how organizations approach complex strategic questions, risk management,
and organizational adaptation in increasingly volatile business environments.

Keywords: Organization General Intelligence, Enterprise Artificial Intelligence, Multi-Agent
Systems, Knowledge Graphs, Strategic Decision-Making

INTRODUCTION

The current business environment has seen an explosion of Al-based deployments, but they are still largely fragmented
and task-oriented in their application. Conventional enterprise Al deployments have been about narrow verticals—
customer relationship management automation, predictive maintenance solutions, or standalone forecasting models—
each working within tightly defined confines. Although these expert systems have created quantifiable gains in
operational effectiveness, they reinforce organizational silos and ignore the synergistic possibilities of combined
intelligence. This constraint has grown more evident as organizations face issues of rising complexity that cut across
departmental borders and require cross-functional, overall reasoning. The core challenge is the gap between the
technical potential of Al and organizational demand, where technology is isolated from serving as a part of an overall
intelligence infrastructure.

Strategic Al deployment research indicates that companies struggle with piecemeal strategies, not harnessing Al's
value-creating power beyond enterprise silos [2]. The study "Strategy For and With AI" by Balducci and Marinova in
the California Management Review documents that the conventional notion of Al as a mere technology misses its
ability to fundamentally transform organizational decision-making and strategy-making [2]. It is the contention of the
authors that businesses need to shift from seeing Al as an efficiency driver for operations to seeing it as a strategic
collaborator with the capability to engage and supplement organizational wisdom. This paradigm shift is important
because the majority of existing deployments consider Al systems as discrete utilities and not as articulated pieces of
an end-to-end cognitive framework. The study puts emphasis on the point that effective Al incorporation demands
organizations to craft strategies not only for Al implementation but with Al as an engaged participant in strategic
activities, allowing cross-functional insights across departmental barriers.
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This paper presents and discusses Organization General Intelligence (OGI), a nascent paradigm that reimagines
enterprise Al not as a set of individual tools but as an integrated cognitive framework. In contrast to the lofty goal of
human-level Artificial General Intelligence (AGI), the aspiration to simulate the entire range of human cognitive
abilities in all its domains, OGI has a bounded but ambitious goal: the development of an integrated intelligence
system with in-depth understanding and reasoning capacity in the context of a single company. The history of
generative Al technologies has shown the possibility of building systems capable of recognizing context, aggregating
data from various sources, and producing coherent outputs in a range of domains [1]. As recorded in "Product Design:
The Evolving Role of Generative Al in Creative Workflows" by Sheth and others, generative Al is highly capable in
combining multiple inputs and generating contextually suitable outputs, indicating that analogous architectural
patterns might make enterprise-scale intelligence systems possible [1]. This utilitarian emphasis on organizational
over universal intelligence is a theoretically sound and workably feasible route to revolutionary Al implementation in
business settings, leveraging proven achievements in domain-specific generative uses and applying such functionality
to the entire organizational system.

The Limitations of Contemporary Enterprise AI Architectures

Today's enterprise Al deployments have an inherent architectural limitation: they are isolated islands of intelligence,
optimized for a given task but without means for integration across domains and cooperative reasoning. A large
enterprise can have many dozens of Al systems—customer service chatbots based on natural language processing,
demand forecasting machine learning models, vision-based computer vision for quality assurance, and
recommendation algorithms for personalization—without these systems being informationally and operationally
coupled. Studies on Al integration in Enterprise Resource Planning systems indicate that organizations encounter a
major setback in developing unified Al architectures, and fragmentation is a key hindrance to leveraging the maximum
capability of intelligent systems [3]. As per research "Integration of Artificial Intelligence in Enterprise Resource
Planning Systems: Opportunities, Challenges, and Implications" by Sharma et al., the absence of interoperability
among Al components and current enterprise systems introduces major operational inefficiencies and restricts the
strategic contribution that can be made through AI [3]. Such fragmentation occurs in a number of important
deficiencies that essentially disable organizational intelligence and decision-making abilities.

To start with, no shared context enables such systems to draw insights across functional silos. A customer service bot,
for example, can't tap into supply chain knowledge to give the right delivery estimates, nor can it collaborate with
inventory management systems to anticipate product availability issues. The integration issues reported in ERP-AI
deployments show that information silos and incompatible system structures bar the free information flow needed for
context-sensitive decision-making [3]. Second, expert systems do not possess the ability for sophisticated, multi-step
reasoning based on integrating information across disparate domains. Strategic queries—like evaluating the feasibility
of expansion into a new market or gauging the ripple effects of a significant supplier outage—require combined
analysis across operations, marketing, finance, and regulatory affairs, something beyond the capabilities of standalone
Al software. Analyzing research into Al project failures indicates that poor cross-functional integration is a key failure
mode, with projects experiencing the inability to collaborate insights across organizational boundaries [4]. Third, these
disconnected systems create multiplicative maintenance burdens, requiring separate data pipelines, model retraining
protocols, and integration layers that compound technical debt and organizational complexity.

The theoretical foundation for this limitation lies in the narrow optimization objectives that guide contemporary Al
development. Machine learning systems are trained to minimize error functions specific to their designated tasks, with
no architectural provisions for cross-functional coordination or emergent collaborative capabilities. According to
"Why Al Projects Fail: Lessons From New Product Development" by Kumar and associates, a significant proportion
of Al implementation failures stem from the mismatch between narrow technical objectives and broader organizational
requirements [4]. The study emphasizes that Al projects often fail because they optimize for isolated metrics without
considering system-level interdependencies and emergent organizational needs. This design philosophy reflects an
implicit assumption that intelligence can be decomposed into independent, modular competencies—an assumption
increasingly challenged by both cognitive science research and practical enterprise needs. The research demonstrates
that successful Al deployment requires holistic architectural thinking that transcends functional boundaries, yet current
development practices remain locked into siloed optimization frameworks that preclude the emergence of integrated
organizational intelligence [3][4].

Barrier Type IDescription Consequence
. IAI systems operate as isolated islands of |[Primary barrier to realizing the full
[Fragmentation . . . . .
intelligence potential of intelligent systems
Interoperability Gaps Lack of interoperability between Al Substantial operational inefficiencies

imodules and enterprise systems
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Context Isolation

Systems cannot leverage insights across
functional boundaries

ILimited strategic decision-making
capability

Integration Complexity

IData silos prevent contextually aware
decision-making

lUndermines organizational intelligence

Coordination Failure

[nability to coordinate insights across
organizational boundaries

IAI project failures

IMultiple separate integration layers are

Technical Debt . Compounded organizational complexity
required

Optimization INarrow technical objectives vs. broader  [High proportion of Al implementation

Misalignment organizational requirements failures

|Architectural INo provisions for cross-functional IPrecludes integrated organizational

Limitations coordination intelligence

Table 1: Organizational Barriers to Integrated Enterprise Al Implementation [3, 4]

Conceptual Foundations of Organization: General Intelligence

Organization General Intelligence represents a fundamental reconceptualization of enterprise Al, shifting from task-
oriented automation to goal-oriented organizational reasoning. The theoretical underpinnings of OGI draw from
multiple disciplines: distributed artificial intelligence, knowledge representation, multi-agent systems, and
organizational theory. At its core, OGI posits that an organization's collective intelligence—traditionally distributed
across human employees, institutional processes, and documentary repositories—can be formalized, digitized, and
operationalized through an integrated Al architecture. Research on multi-agent systems demonstrates that the
performance characteristics of distributed intelligent architectures depend critically on coordination mechanisms,
communication protocols, and the degree of agent autonomy within the system [5]. According to "A Performance
Analysis of Multi-Agent Systems" by Decker and Lesser, the efficiency of multi-agent architectures is fundamentally
influenced by how agents share information, decompose tasks, and synchronize their activities to achieve collective
objectives [5]. The study establishes that well-designed multi-agent systems can outperform centralized approaches
when tasks exhibit high complexity and require diverse expertise, making them particularly suitable for enterprise
environments where organizational intelligence must span multiple functional domains.

The definitional boundaries of OGI distinguish it from both narrow Al and AGI. While narrow Al excels at specific,
well-defined tasks within constrained domains, and AGI aspires to human-equivalent reasoning across all possible
contexts, OGI occupies a conceptually distinct middle ground. It pursues general intelligence not in the universal sense
but within the bounded universe of a specific organization. This scoping is not merely a pragmatic concession but a
theoretical strength: by constraining the domain of reasoning to organizational contexts, OGI systems can achieve
depth of understanding and functional sophistication that would be unattainable in truly general-purpose systems. The
performance analysis of multi-agent configurations reveals that task allocation strategies and agent specialization
patterns significantly impact overall system effectiveness, suggesting that organizational Al architectures must be
carefully designed to match the specific structure and workflows of the enterprise [5]. This domain-specific
optimization enables OGI systems to develop a nuanced understanding of organizational semantics, business rules,
and contextual relationships that general-purpose Al cannot replicate.

The intellectual lineage of OGI traces to several converging research trajectories. Herbert Simon's concept of "bounded
rationality" provides a foundational principle: intelligence need not be universal to be profoundly effective when
operating within well-defined environmental constraints. The field of distributed artificial intelligence, emerging in
the 1980s, demonstrated that complex problem-solving could arise from coordinated interactions among specialized
agents. More recently, advances in large language models have provided the technological substrate for natural
language understanding and reasoning at scale, while developments in knowledge graphs and semantic web
technologies have enabled sophisticated representation of organizational knowledge. According to "Knowledge
Representation and Reasoning" by Brachman and Levesque, the formalization of knowledge through structured
representation schemes enables computational systems to perform logical inference, answer complex queries, and
derive new insights from existing information [6]. The authors emphasize that effective knowledge representation
must balance expressiveness with computational tractability, allowing systems to capture rich semantic relationships
while maintaining efficient reasoning capabilities [6]. OGI synthesizes these streams into a coherent architectural
vision specifically tailored to enterprise contexts, leveraging both the distributed problem-solving capabilities
identified in multi-agent research and the formal knowledge representation frameworks that enable sophisticated
reasoning about organizational realities.
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Theoretical Component Key Principle/Characteristic IApplication to OGI
Distributed Artificial Coordination mechanisms and Perfor.mance dgpends on how agents
. . share information and synchronize
[ntelligence communication protocols .
activities
Multi-Agent Systems Ta§k d.ecomposmon and collective Well-d§51gned systems outperform
objectives centralized approaches for complex tasks

Significantly impacts overall system

Task Allocati trategi Agent ializati tt; .
as ocation Strategies gent specialization patterns e Fectiveness

Bounded Rationality (Herbert |Intelligence effective within defined [Enables depth of understanding in
Simon) constraints organizational contexts

[Enables logical inference and complex

Knowledge Representation  [Structured representation schemes .
query answering

Formal Knowledge Balance expressiveness with Captures rich semantic relationships with
[Frameworks computational tractability efficient reasoning
. . . .. |Constrained to the organizational lAchieves functional sophistication
Domain-Specific Optimization| . . .
universe unattainable in general-purpose systems
Distributed Problem-Solving Coor.dlpated interactions among Compllex problem—solvmg from agent
specialized agents coordination (1980s research)

Table 2: Theoretical Components and Design Principles of Organization General Intelligence [5, 6]

Architectural Components and Technical Implementation

The realization of OGI depends on two interdependent architectural elements that together constitute a unified
intelligent system. The first component, the centralized knowledge foundation or "enterprise brain," functions as a
comprehensive, dynamic representation of organizational reality. This knowledge substrate integrates heterogeneous
data sources—structured transactional data from enterprise resource planning systems, customer relationship
management databases, and supply chain management platforms; semi-structured information from emails, meeting
transcripts, and collaboration tools; and unstructured knowledge embedded in reports, presentations, strategic
documents, and institutional memory. Advanced natural language processing, knowledge graph construction, and
semantic embedding techniques transform this raw informational diversity into a coherent, queryable model that
captures not merely data but contextual relationships, causal dependencies, and implicit organizational knowledge.
According to "Enterprise Knowledge Graphs: A Semantic Approach for Knowledge Management in the Next
Generation of Enterprise Information Systems" by Tommasini and colleagues, enterprise knowledge graphs provide
a semantic foundation that enables organizations to unify fragmented information landscapes and create queryable
representations of organizational knowledge that transcend traditional database limitations [7]. The research
demonstrates that knowledge graph architectures facilitate semantic interoperability across heterogeneous enterprise
systems, enabling contextual understanding and relationship mapping that conventional data integration approaches
cannot achieve [7].

The technical implementation of this knowledge foundation presents substantial challenges. Data integration must
address inconsistencies in terminology, conflicting information from different sources, and the continuous evolution
of organizational reality. Temporal reasoning capabilities are essential to distinguish current states from historical
contexts and to track the evolution of projects, relationships, and strategic priorities. Privacy and access control
mechanisms must be embedded at the architectural level to ensure that the knowledge foundation respects
organizational hierarchies and information confidentiality requirements. The semantic approach advocated by
Tommasini and colleagues emphasizes that enterprise knowledge graphs must support ontology-driven data
integration, where formal semantic models define the relationships and constraints that govern organizational
knowledge [7]. This approach enables automated reasoning about enterprise data, allowing systems to infer implicit
relationships and validate consistency across information sources. Crucially, the knowledge representation must
support both symbolic reasoning—enabling logical inference and rule-based analysis—and subsymbolic pattern
recognition—Ileveraging statistical learning to identify trends and anomalies.

The second architectural component comprises a network of specialized, autonomous Al agents, each representing a
distinct business domain or functional capability. These agents are not merely interfaces to legacy systems but
sophisticated reasoning engines with deep expertise in their respective domains. A finance agent, for example,
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possesses comprehensive knowledge of the organization's financial models, historical performance, budgetary
constraints, and economic context, enabling it to perform complex financial analysis, scenario modeling, and strategic
evaluation. Similarly, a human resources agent understands workforce composition, skills inventories, compensation
structures, and talent development pipelines.

The transformative capability of OGI emerges from the orchestrated collaboration among these agents. A sophisticated
inter-agent communication protocol enables agents to formulate sub-problems, delegate specialized tasks, negotiate
resource allocations, and synthesize partial solutions into comprehensive responses. According to "Scalable Multi-
Agent Architecture for Enterprise Customer Experience: Design Patterns and Implementation" by researchers
examining multi-agent systems, scalable architectures must implement robust communication frameworks that enable
autonomous agents to coordinate effectively while maintaining system stability and performance [8]. The study
emphasizes that enterprise multi-agent systems require carefully designed interaction protocols that balance agent
autonomy with centralized coordination, ensuring that collaborative problem-solving remains efficient even as system
complexity increases [8]. This agentic architecture supports hierarchical task decomposition, where a coordinating
agent analyzes a high-level objective, identifies constituent sub-problems, assigns these to appropriate specialist
agents, monitors progress, resolves conflicts, and integrates results. The system exhibits emergent intelligence:
capabilities that arise not from individual agents but from their coordinated interactions, demonstrating that properly
architected multi-agent systems can achieve performance characteristics that exceed the sum of individual agent
capabilities through synergistic collaboration [8].

Specific Element Function/Capability Technical Approach

Structured Data Integration [Integrates ERP, CRM, and SCM databases = [Knowledge graph construction

Semi-Structured Data IProcesses emails, transcripts, and .

. . INatural language processing
[ntegration collaboration tools
Unstruc.tured Data .Cap.turfzs reports, presentations, and Semantic embedding techniques
Integration institutional memory

Semantic Interoperability  [Unifies fragmented information landscapes  |[Ontology-driven data integration

Distinguishes current states from historical

Temporal Reasoning ontexts

Evolution tracking mechanisms

Privacy & Access Control [Respects organizational hierarchies Embedded architectural-level

mechanisms
. Combines logical inference and pattern Symbolic and subsymbolic
Dual Reasoning Support nes 1og p Y . uosy
recognition processing
Finance Agent Financ?al analys@s, scenario modeling, Domain-speciﬁc reasoning
strategic evaluation engine

\Workforce analysis, skills inventory, talent

[Human Resources Agent
development

Specialized domain expertise

. . [Task delegation, resource negotiation, solution|Robust communication
Inter-Agent Communication

synthesis frameworks
Hierarchical Task lAnalyzes objectives, assigns sub-problems, .
i . Coordinating agent protocols
[Decomposition and integrates results

Performance exceeding individual agent

Emergent Intelligence capabilities

Synergistic collaboration

Table 3: Functional Architecture and Technical Components of Organization General Intelligence Systems [7, 8]

Transformative Capabilities and Strategic Implications

The operational manifestation of OGI transcends incremental efficiency gains, enabling qualitatively new forms of
organizational intelligence and strategic agility. Consider the illustrative scenario of evaluating market expansion into
a new geographic region—a strategic decision requiring synthesis across multiple dimensions. In traditional
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organizations, this analysis would necessitate sequential engagement of multiple departments, each producing isolated
reports that senior leadership must manually integrate. With OGI, a natural language query initiating this assessment
triggers an automated orchestration of specialized analyses. Research examining Al-driven management systems
demonstrates that artificial intelligence significantly enhances organizational performance by improving decision-
making efficiency and streamlining operational processes [9]. According to "Exploring AI-Driven Management:
Impact on Organizational Performance, Decision Making Efficiency and Employee Engagement" by Kumar and
colleagues, Al-enabled management frameworks facilitate faster and more accurate strategic decisions by synthesizing
diverse data sources and providing actionable insights that would be difficult to derive through traditional analytical
methods [9]. The study emphasizes that organizations implementing Al-driven decision support experience
measurable improvements in strategic planning effectiveness and operational agility.

The finance agent constructs detailed cost models, incorporating market entry expenses, ongoing operational costs,
tax implications, and currency risk exposure while accounting for the organization's capital structure and hurdle rates.
Simultaneously, the marketing agent analyzes demographic data, competitive landscapes, consumer behavior patterns,
and brand perception to assess market opportunity and positioning strategies. The supply chain agent evaluates
logistical infrastructure, supplier ecosystems, regulatory requirements for product movement, and potential
bottlenecks or vulnerabilities. The legal and compliance agent identifies regulatory frameworks, licensing
requirements, trade restrictions, and jurisdictional risks. The human resources agent assesses talent availability,
compensation expectations, and cultural factors affecting workforce development. Research confirms that Al-driven
management systems enable more sophisticated analysis by processing complex datasets and identifying patterns that
inform strategic choices, thereby enhancing overall organizational performance across multiple functional domains
[9].

Critically, these analyses do not proceed in isolation. Agents communicate continuously, sharing intermediate findings
that inform each other's reasoning. The finance agent's cost projections incorporate the supply chain agent's logistical
constraints; the marketing agent's demand forecasts influence the human resources agent's staffing recommendations.
The coordinating agent synthesizes these multifaceted analyses into a coherent strategic recommendation, highlighting
interdependencies, identifying risks, and articulating trade-offs. This represents a fundamental evolution from task
automation to strategic reasoning, where integrated intelligence systems facilitate holistic decision-making that
accounts for cross-functional dependencies and organizational complexities [9].

Beyond strategic decision support, OGI enables continuous organizational optimization through real-time, cross-
functional monitoring and adaptive response. The system can identify emerging inefficiencies—such as inventory
buildups resulting from misalignment between production schedules and demand forecasts—and autonomously
orchestrate corrective actions. It can anticipate cascading impacts of disruptions, such as supplier delays, and
proactively coordinate mitigation across affected functions. According to "The Role of Predictive Analytics in
Organizational Change Management" by Singh and associates, predictive analytics plays a crucial role in enabling
organizations to anticipate changes, identify potential risks, and implement proactive strategies that minimize
disruption [10]. The research demonstrates that predictive analytics empowers organizations to shift from reactive
responses to anticipatory management, using data-driven forecasting to prepare for and adapt to evolving
circumstances [10]. This transformation enables organizations to maintain operational continuity and strategic
momentum even in volatile environments, fundamentally altering how enterprises approach risk management and
organizational adaptation [10]. The integration of predictive capabilities with coordinated agent architectures creates
systems that not only respond to current conditions but also actively shape organizational trajectories through informed
anticipation and strategic foresight.

Specialized Agent

lAnalysis Domain

Specific Evaluation Factors

Strategic Contribution

Finance Agent

Cost Modeling

Market entry expenses,
operational costs, tax
implications, and currency risk

[Financial viability assessment
with capital structure
considerations

Finance Agent

Financial Integration

Incorporates supply chain
logistical constraints

Cross-functional cost projection
laccuracy

IDemographics, competitive

IMarket positioning and demand

requirements

Marketing Agent Market Opportunity [landscape, consumer behavior,
. assessment
brand perception
Marketing Agent Demand Forecasting Market size est.lmatlon and Influences HR staffing
lgrowth projections recommendations
Infrastructure, supplier .
Supply Chain Agent [Logistics Evaluation [ecosystems, and regulatory Identifies bottlenecks and

ivulnerabilities
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risks

. Operational Product movement regulations  [[nforms the finance agent's cost
Supply Chain Agent . . s L
Constraints and logistical limitations rojections
Legal & Compliance . Framevyorks, 11ce.ns'1 ne, t?ade IRisk mitigation and compliance
Regulatory Analysis [restrictions, and jurisdictional
Agent assurance

[Human Resources
|Agent

Talent Assessment

IAvailability, compensation
expectations, and cultural factors

\Workforce development
lanning

[Human Resources

IResource allocation based on

Integrated with marketing

Staffing Plannin S
|Agent £ & demand forecasts rojections
L Synthesis & Interdependencies, risks, trade- |Coherent strategic
Coordinating Agent . . . .
Integration offs across all domains recommendation generation

Table 4: Functional Specialization and Integration in OGI-Enabled Strategic Decision-Making [9, 10]
CONCLUSION

Organization General Intelligence is a paradigmatic shift in business artificial intelligence, revolutionizing the way
organizations think and deploy smart systems. Moving away from disconnected, task-oriented automation towards
convergent, goal-driven organizational thinking, OGI overcomes the key limitations that have circumscribed the
strategic potential of modern Al deployments. The OGI architectural basis of an integrated knowledge substrate and
cooperative network of expert agents facilitates emergent abilities that are greater than the sum of their parts, breaking
down conventional barriers between organizational silos and producing adaptive, fluid intelligence that can tackle
issues of complexity and cross-functionality with unparalleled nuance. The strategic effects are deep, with
organizations that adopt OGI being able to accomplish operational efficiency, strategic agility, and quality of decisions
heretofore unachievable through human brainpower or through fragmented Al tools. Nonetheless, the achievement of
OGl is faced with serious technical, organizational, and ethical issues such as the difficulty of integrating knowledge
from heterogeneous sources, computational overheads of updating real-time organizational models, inter-agent
coordination protocol development, high cultural adaptation costs, reskilling the labor force, and essential concerns
for algorithmic fairness, transparency of automated inferencing, and proper human supervision, along with the societal
implications of pooling organizational intelligence in technological artifacts. In spite of these, the trend of enterprise
Al seems to be moving towards cohesive architectures like OGI, fueled by mounting complexity, sharpening
competition, and accelerated decision-making cycles that make isolated intelligence less and less viable. Organization
General Intelligence offers a theoretically grounded and practically viable pathway toward truly intelligent enterprises
that not only execute tasks efficiently but also reason strategically, adapt continuously, and operate with a holistic
understanding of organizational reality, positioning organizations that successfully navigate this transition to possess
decisive competitive advantages in an increasingly complex and dynamic global economy.
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