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Abstract

This systematic review synthesises empirical and conceptual research on the transformative role of 0 in
shaping consumer-based brand equity (CBBE). Drawing on 31 peer-reviewed studies published between
2016 and 2025, the review maps how Al technologies—including personalization engines, chatbots,
predictive analytics, and generative Al—affect key dimensions of brand equity such as awareness, trust,
loyalty, and engagement. Findings reveal that Al enhances consumer-brand relationships through
personalization, efficiency, and co-creation, while also generating risks related to privacy, ethics, and
authenticity. Contextual moderators including industry type, cultural environment, and consumer
demographics significantly condition AI’s effects, underscoring the need for tailored and culturally
sensitive strategies. Methodologically, most studies rely on cross-sectional surveys and quantitative
models, with limited use of longitudinal or mixed-method approaches. The review highlights critical gaps
in measurement standardisation, ethical evaluation, and economic impact assessment. Future research is
called to develop integrative, contextually grounded, and ethically robust frameworks to harness Al’s
potential for sustainable brand equity in the age of intelligent branding.

Keywords: Artificial Intelligence, Brand Equity, Consumer Engagement, Personalization, Privacy and
Ethics, Al-driven Branding

INTRODUCTION:

Brand equity, which used to mean the extra value a corporation gets from a product with a well-known name compared
to a generic one (Keller, 2021), has changed a lot since the digital age. Brand equity is basically how people feel about
a brand, how devoted they are to it, and how likely they are to buy it (Dong, 2025). With the rapid advancements in
artificial intelligence (Al) technologies, a new dimension termed Al-driven brand equity has emerged, referring to the
impact and value created through integrating Al tools and capabilities in brand management, marketing
communication, and consumer engagement (France, 2025). Al-driven brand equity refers to the ways that intelligent
automation, machine learning, and data analytics change how people and brands interact by making encounters more
personal, improving brand experiences, and changing how people think about trust and authenticity (Teepapal, 2025).
The significance of evaluating Al's impact on brand equity stems from the fundamental transformation Al introduces
in contrast to conventional brand equity approaches. Classical branding relied on static assets like company logos,
slogans, and advertising campaigns. Al, on the other hand, lets brands customize and connect with customers in real
time and on a large scale (Deryl, 2023). This change lets marketers gather a lot of information about their customers
and send them individualized messages that are based on their likes and dislikes, which makes the messages more
relevant and emotional (Ojha et al., 2025). Importantly, Al capabilities expand beyond customization to include
chatbots, predictive analytics, Al-powered content production, and sentiment analysis, all influencing consumer
perceptions and engagement in unprecedented ways (Indrasari et al., 2024). These technologies promise to increase
brand awareness, make people think the quality is better, and make customers more loyal—all of which are important
parts of brand equity (Upadhyay & Chitnis, 2021).

But using Al in branding can be both advantageous and challenging. Even though it could improve interactions
between consumers and brands, it also brings up big problems with privacy, ethics, and authenticity (Langmade, 2025;
Teepapal, 2025). Today, customers want individualized experiences, but they are becoming more cautious about how
their data is acquired and used (CMB, 2024). There are moral problems with Al algorithms that aren't clear, possible
biases, data misuse, and the loss of human touch in branding (Brand Equity Economic Times, 2023). These concerns
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have significant repercussions for brand trust and, consequently, brand equity, necessitating an understanding of both
the beneficial and detrimental pathways influenced by Al (Dwivedi et al., 2019). Additionally, cultural, industry, and
demographic settings impact how customers perceive and engage with Al-driven branding (Gurhan-Canli et al., 2018;
Alghaswyneh, 2025). For instance, collectivist societies may react differently to Al-driven communications compared
to individualistic cultures, owing to varying expectations of interpersonal warmth and trust (Gursoy et al., 2019;
Mariciuc, 2023).

Despite growing attention, the literature indicates numerous research gaps. Current research frequently concentrates
solely on technology efficacy or isolated dimensions, such as personalization, without systematically assessing
comprehensive brand equity results (Hue, 2025). There is an absence of comprehensive studies that amalgamate
marketing, management, and technological viewpoints regarding customer perceptions, engagement, and loyalty
within Al-driven branding contexts (France, 2025; Deryl, 2023). Moreover, measuring methodologies exhibit
significant variability, lacking adequate standards in assessing Al's influence on critical brand equity characteristics
(Gutiérrez, 2024). Contextual modifiers, including industry type, cultural contexts, and customer demographics, are
recognized yet insufficiently examined in comprehensive models (Prabhakaran et al., 2022; Indrasari et al., 2024). It
is important to note that the ethical risks and privacy concerns that come with Al-driven branding are generally talked
about independently from the effects on consumer involvement. This means that we need to look at both the good and
bad effects in a more complete way.

The necessity for this systematic review is emphasized by the subsequent points. First, marketers that want to use Al's
power while keeping real, trust-rich branding relationships need to know how Al technologies affect consumer-based
brand equity (Laksamana, 2024). Second, figuring out what causes good things like personalization and engagement
and bad things like privacy concerns and loss of authenticity is very important for creating balanced Al branding
strategies (Teepapal, 2025; Vergemarketing Agency, 2025). Third, looking into contextual moderators is a response to
the need for Al branding implementations that are sensitive to culture and demographics and that promote fairness
across different markets (Barnes et al., 2024; Kumar, Ashraf, & Nadeem, 2024). Finally, emphasizing measuring
methodologies and deficiencies directs forthcoming research towards the creation of standardized, multidimensional
measurements appropriate for the dynamic Al branding environment (Gutiérrez, 2024).

In conclusion, this review endeavors to bridge the fragmented scholarly discourse by integrating peer-reviewed
literature from marketing, management, and technology fields. It seeks to develop a holistic comprehension of Al-
driven brand equity, concentrating on customer perceptions, engagement, and loyalty, while highlighting the
interaction of Al-enabled mechanisms, ethical considerations, and contextual dynamics. This fundamental
understanding is crucial for researchers and professionals endeavoring to comprehend the intricate, revolutionary
effects of Al on brand equity in the era of intelligent branding.

METHODS

This systematic review employed a two-phase methodological approach: (1) search and selection strategy, and (2)
classification and analysis of the collected studies. This ensured transparency regarding the rationale, procedures, and
outcomes of the review process, adhering to rigorous systematic review standards.

1. Search and Selection Strategy

The review followed the Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA 2020)
guidelines to ensure methodological rigor and transparency (Page et al., 2021). Although originally developed for
health-related interventions, PRISMA 2020’s comprehensive framework is broadly applicable across social and
business-related systematic reviews, including those examining Al and branding (Page et al., 2021).

The initial literature search targeted scholarly databases including Scopus, Web of Science, Google Scholar, Ebsco,
and ScienceDirect. Using a combination of search terms such as “Al-driven brand equity,” “consumer perceptions Al
branding,” “Al personalization brand loyalty,” and related keywords, 5607 potential studies was identified. The focus
was on publications up to mid-2025 to capture the most recent advances in AI’s role in consumer-based brand equity.
Beginning in 2016, Al tools such as machine learning, chatbots, and natural language processing became increasingly
sophisticated and widely adopted in marketing and consumer engagement, thus marking a relevant era for investigating
AT’s tangible impacts on consumer-based brand equity (Dong, 2025; Hue & Hung, 2025). This timeframe captures the
critical phase when digital ecosystems matured enough for consumers to meaningfully interact with Al- driven brand
experiences, while also encompassing heightened attention to privacy, ethics, and authenticity issues that emerged
alongside Al proliferation (Alhitmi et al., 2024; Hari et al., 2025). Limiting the review to this recent decade ensures
inclusion of the most current and methodologically rigorous studies, reflecting today’s market realities and preparing
the groundwork for future Al branding strategies rooted in contemporary consumer behavior (Ahmed et al., 2025; Roy
et al., 2025). This approach aligns with best practices in systematic reviews, which emphasize balancing
comprehensiveness with relevance by focusing on research from periods marked by significant technological and
contextual developments.
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1.1. Screening and Eligibility

After removing duplicates and non-peer-reviewed materials such as conceptual papers, editorials, and book chapters,
5,053 records were excluded. The remaining 554 studies underwent full-text assessment for eligibility based on
predefined inclusion and exclusion criteria.

1.2. Inclusion and Exclusion Criteria

Studies were included if they: (1) empirically or conceptually addressed Al-driven consumer-based brand equity or
related constructs such as loyalty, engagement, or trust; (2) were published in peer-reviewed journals up to mid-2025;
(3) were written in English; and (4) offered measurement approaches or theoretical frameworks relevant to Al branding
effects.

Studies were excluded if they: (1) lacked Al branding focus; (2) did not address consumer perceptions or brand equity
outcomes; (3) were non-empirical without clear methodology; (4) were published beyond the inclusion period or in
other languages.

Following these criteria, 523 studies were excluded, resulting in a final set of 31 primary studies and reviews selected
for detailed analysis.

2. Classification and Analysis of Collected Studies

Selected studies were systematically reviewed, and key information on publication metadata (authors, year, journal),
Al tools and technologies studied, brand equity dimensions evaluated, research methodologies, and contextual
moderators was extracted. The reviewed studies were classified according to:

Research focus: brand building, measurement, or consumer engagement via Al.

Al technology type (e.g., chatbots, predictive analytics, generative Al).

Brand equity dimensions addressed (e.g., loyalty, trust, awareness).

Methodology: quantitative, qualitative, or mixed methods.

Contextual moderators such as industry sector, cultural environment, and consumer demographics.

This classification facilitated a comparative thematic analysis to identify patterns in mechanisms by which Al
influences brand equity (such as personalization, trust, ethical concerns), and to highlight research gaps in
methodology, measurement approaches, and contextual understanding.

Findings

The findings from the reviewed studies (see table Al in Appendix A) provide a structured understanding of how Al is
shaping consumer-based brand equity (CBBE) in diverse contexts. Guided by the research objectives, the evidence
was organised into four thematic areas discussed below.

1. How Al tools influence consumer-based brand equity

The review reflected that Al technologies — notably personalization engines, chatbots, recommendation systems, and
recent generative-Al tools — shape multiple facets of CBBE including brand awareness, perceived quality, brand
associations, and loyalty (Cheng & Jiang, 2021; Ahmed et al., 2025; Joshi et al., 2025). A dominant strand of evidence
indicates that AI’s capacity to tailor messages and experiences at scale strengthens perceived relevance and
engagement, which in turn improves brand preference and loyalty metrics (Ahmed et al., 2025; Bano et al., 2025). For
example, survey-based studies across retail and digital marketing contexts report positive links from recommender
systems and personalization to engagement and repeat purchase intentions (Febrian, 2025; Alhitmi et al., 2024).

Al tools such as chatbots, predictive analytics, recommendation engines, natural language processing (NLP), and
generative Al significantly influence key dimensions of CBBE. For instance, Ahmed et al. (2025) demonstrate that
Al-driven personalization enhances consumer engagement and strongly boosts brand loyalty among digitally savvy
consumers. The application of Al-powered chatbots and messaging further builds strong customer-brand relationships
by enhancing communication quality, as shown in the work of Cheng and Jiang (2021). Moreover, e-commerce
contexts benefit from Al tools like recommender systems that improve brand associations and perceived quality
(Febrian, 2025). Generative Al for advertising also contributes positively by enhancing the informativeness and
innovativeness of brand ads, which affects purchase intention and brand perception (Wu, Zeng & Huang, 2025; Gao
etal., 2023).

Beyond personalization, Al affects brand equity via operational improvements — faster response times, 24/7 service
through chatbots, and seamless information retrieval — which enhance service quality perceptions and satisfaction
(Cheng & Jiang, 2021; West, Clifford & Atkinson, 2018). More advanced Al (e.g., generative models) also influences
brand imagery and creativity: several recent studies suggest generative tools enable new forms of brand storytelling
such as Al influencers and co-creation with consumers, broadening brand associations and innovation perceptions
(Joshi et al., 2025; Dong, 2025).

However, the influence is not uniformly positive. Multiple studies flagged that benefits are contingent on data quality,
transparency, and the perceived authenticity of Al-mediated interactions (Dropulic et al., 2022; Fawal et al., 2024).
Where consumers detect intrusive profiling, opaque use of data, or robotic/inauthentic communication, the same Al
features can erode trust and damage brand associations (Gao et al., 2023; Roy et al., 2025). In short, Al acts as a
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powerful lever for CBBE but produces both enhancement and erosion paths depending on implementation and
consumer interpretation (Chow et al., 2025; Surikova, Siroda, & Bhattarai, 2022).
The network map (figure 1) visually illustrates the relationships between Al tools and technologies and the dimensions
of consumer-based brand equity (impacts). Red nodes represent Al applications such as personalization, chatbots, and
predictive analytics, while blue nodes represent outcomes including trust, loyalty, engagement, and authenticity. The
connections highlight how specific Al interventions directly influence consumer perceptions and brand-related
outcomes, reflecting the pivotal role of intelligent branding in shaping brand equity.

Al Factors and Brand Equity Impacts {Objective 1)
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Figure 1. Network Map Linking Al Tools to Brand Equity Dimensions

2. Mechanisms driving positive and negative outcomes

The review reveals a coherent set of mechanisms by which Al drives brand outcomes:

2.1. Positive Mechanisms

Personalization is repeatedly identified as the foremost driver of brand loyalty and engagement across diverse contexts
(Ahmed et al., 2025; Ben Khelil, 2025). Singh and Singh (2024) show that Al-powered customer service enhances
satisfaction, perceived efficiency, and ultimately customer loyalty through efficient and personalized interactions.
Predictive targeting and automation also boost brand engagement by improving marketing precision and operational
efficiency (Bano et al., 2025; Joshi et al., 2025). Trust is another critical mechanism influenced by Al transparency
and ethical use, as reflected in multiple studies (Cheng & Jiang, 2021; Hari et al., 2025). Arora et al. (2025) emphasize
the importance of emotional intelligence and human oversight in Al systems to foster authenticity and prevent
alienation. The mediating roles of brand experience and consumer empowerment are demonstrated by Mariana,
Kurniawati, and Masnita (2025), who find AI’s personalized services strengthen self-congruity and brand loyalty.

In relation to convenience and efficiency, automation (chatbots, voice assistants) reduces friction in transactions and
service recovery, which improves perceived service quality and brand trust (Cheng & Jiang, 2021; West, Clifford &
Atkinson, 2018). In relation to co-creation and innovation: Generative Al and customizable interfaces enable
consumers to co-create content and products, enhancing brand distinctiveness and emotional attachment (Joshi et al.,
2025; Dong, 2025). Furthermore, predictive analytics help brands anticipate needs (dynamic offers, inventory), which
can strengthen the brand’s competence image and perceived quality (Roy et al., 2025).

2.2. Negative Mechanisms

Privacy risks and ethical dilemmas around data misuse, surveillance, and bias constitute significant barriers in Al-
driven branding (Alhitmi et al., 2024; Saura, Skare & Dosen, 2024). Alhitmi et al. (2024) advocate for multilateral
controls and transparency to protect consumer trust and brand reputation. The privacy paradox identified by Saura,
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Skare, and Dosen (2024) underlines the tension between consumers’ desire for personalization and their privacy
concerns.

Authenticity challenges stem from AI’s potential to produce robotic, less emotionally resonant brand communications
(Puntoni et al., 2021; Surikova, Siroda & Bhattarai, 2022). Kumar and Suthar (2023) highlight ethical risks such as
algorithmic bias and disinformation, calling for hybrid Al-human models to ensure responsible Al branding practices.
These ethical frontiers are also emphasized in Hari et al. (2025), who discuss the paradoxes of personalization and
privacy in Al marketing. In relation to expectation inflation and disappointment, highly personalized promises that the
brand cannot consistently meet (e.g., personalization without product availability) can backfire and reduce perceived
reliability (Febrian, 2025; Chow et al., 2025).

Overall, it can be observed that mechanisms are two-sided: personalization and automation are central levers, but their
design, transparency and fairness determine whether they strengthen or weaken brand equity (Ahmed et al., 2025; Roy
etal., 2025).

3. Contextual Moderators Influencing Al Impact on Brand Equity

3.1. Industry Type

Al’s impact varies across industries. Digital marketing and telecommunications sectors exhibit strong benefits from
Al personalization and recommendation engines, especially among tech-savvy consumers (Ahmed et al., 2025; Ben
Khelil, 2025). Banking and financial services show mixed effects where information accessibility and customization
are important, though interaction effects may be limited (Fawal et al., 2024; Chow et al., 2025). Luxury retail
emphasizes experiential Al features enhancing trendiness and engagement (Chung et al., 2020).

3.2. Cultural Environment

Culture substantially moderates AI’s brand impact. Chow et al. (2025) document variations between Hong Kong and
Turkey, where national culture influences whether customization or interaction drives brand experience. Guerra-
Tamez et al. (2024) confirm that Gen Z consumers’ trust in Al is shaped by cultural attitudes toward technology and
brand congruence. Privacy regulation and cultural norms further condition Al acceptance (Alhitmi et al., 2024; Saura,
Skare & Dosen, 2024).

3.3. Consumer Demographics

Age, digital literacy, and generational differences influence Al brand perceptions. Younger, digitally native consumers
display higher trust and engagement with Al tools (Ahmed et al., 2025; Guerra-Tamez et al., 2024), while older or less
tech-literate populations may harbor greater privacy and ethical concerns. Technology readiness and experience level
also moderate satisfaction with Al-powered customer service and personalization (Singh & Singh, 2024; Arora et al.,
2025).

3.4. Brand credibility and category fit

The same Al feature produces different responses depending on brand equity baseline: strong, credible brands can
deploy Al more liberally without immediate reputational harm, while weaker brands risk undermining trust if Al fails
(West, Clifford & Atkinson, 2018; Febrian, 2025).

3.5. Regulation and data governance

Jurisdictional differences in data protection and algorithmic transparency shape consumer expectations and legal risk,
acting as a macro moderator across studies (Fawal et al., 2024; Roy et al., 2025).

4. Measurement approaches and research gaps

4.1. Measurement strengths

Most empirical studies in the dataset employ validated survey scales (Likert), structural equation modelling
(SEM/PLYS), and experimental designs to capture mediating mechanisms such as trust, perceived personalization, and
satisfaction (Cheng & Jiang, 2021; Ahmed et al., 2025). Several papers combine objective engagement metrics (clicks,
click-through rates) with attitudinal measures, which is a methodological strength (Bano et al., 2025; Febrian, 2025).
Emerging measurement innovations include Al-driven content analysis and machine learning to code social media
emotional appeals (Mukherjee & Chang, 2025). Qualitative approaches involving expert interviews and thematic
analysis complement quantitative findings by exploring adoption barriers and ethical frameworks (Roy et al., 2025;
Joshi et al., 2025).

4.2. Research Gaps

Several limitations prevail. Most studies are cross-sectional, limiting causal inference on AI’s long-term effects on
brand equity (Ahmed et al., 2025; Dong, 2025). There is a distinct paucity of empirical work addressing the negative
consequences of Al such as privacy violations, ethical conflicts, and authenticity loss (Hari et al., 2025; Dong, 2025).
Several papers use convenience samples (students or platform panels) and focus on digital retail or single national
contexts, limiting generalisability (Cheng & Jiang, 2021; Dropulic et al., 2022). In addition, there is a shortage of
longitudinal and field experiments that capture how consumer perceptions evolve with continued Al exposure (Roy et
al., 2025; Joshi et al., 2025).

Research is often sector-specific (e.g., e-commerce, banking) and geographically constrained, limiting generalizability
especially in emerging economies (Fawal et al., 2024; Mariana, Kurniawati & Masnita, 2025). There is also
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inconsistent attention to hybrid Al-human interaction models, which may enhance ethical branding and trust (Arora
et al., 2025; Kumar & Suthar, 2023). While many studies measure attitudes, fewer link Al interventions to hard
economic outcomes (e.g., CLV, churn rates) in longitudinal settings (Febrian, 2025), reflecting insufficient behavioral
outcomes. Standardization in measurement and definition of Al-specific brand equity constructs is lacking, resulting
in fragmented findings (Verma et al., 2021; Dong, 2025). Considering fragmented operationalization of Al constructs,
studies label diverse technologies as “Al” but use inconsistent operational definitions, making cross-study synthesis
difficult (Gao et al., 2023; Chow et al., 2025).

Future Research Directions

The systematic review underscores multiple intriguing directions for future research on Al-driven brand equity.

1. Standardizing the conceptualization and measurement of artificial intelligence in branding.
Research frequently employs "Al" as a broad term to denote many technologies, including chatbots, recommender
systems, and generative platforms, lacking precise operational definitions. Future research should provide explicit
typologies and validated metrics that differentiate amongst Al functionalities (e.g., predictive, generative,
conversational) and assess their unique effects on CBBE. Longitudinal and experimental designs may enhance causal
models.

2. Enhancing methodological techniques.

The prevailing evidence is primarily derived from cross-sectional surveys, which constrain causal inference. Future
research ought to incorporate longitudinal field studies, natural experiments, and behavioral data (e.g., purchase
records, engagement logs) to examine the evolution of consumer trust and loyalty with prolonged Al exposure. Mixed-
methods approaches that integrate quantitative surveys with qualitative insights, such as interviews and ethnography,
can reveal profound consumer beliefs regarding authenticity, fairness, and privacy.

3. Analyzing moderators in greater detail.

. Contextual moderators have emerged as essential yet insufficiently examined. Future research could examine
industry sensitivity by contrasting high-trust areas, such as healthcare and banking, with transactional sectors,
including retail and entertainment.

. Cross-cultural variance, specifically the influence of privacy conventions, cultural values, and legislative
frameworks on consumer acceptance.

. Consumer demographics and digital literacy to evaluate generational disparities in perceptions of Al-driven
engagement.

4, Investigating ethical, equitable, and societal ramifications.

A persistent deficiency exists in the emphasis on prejudice, fairness, and explainability. Future research should
investigate how algorithmic openness, perceived fairness, and ethical safeguards influence brand trust and loyalty.
Comparative analysis of regulatory contexts (e.g., GDPR versus non-GDPR environments) helps elucidate the
influence of governance frameworks on brand equity outcomes.

5. Correlating Al implementation with economic and strategic brand results.

Most studies focus on consumer perceptions (trust, contentment, loyalty), although few link these to concrete
performance indicators such as customer lifetime value, churn reduction, or brand valuation. Future research should
examine how Al-driven equity correlates with financial and strategic results, allowing companies to measure the return
on investment from Al branding efforts.

6. Examining co-creation and generative artificial intelligence.

Generative Al facilitates innovative methods of brand-consumer co-creation. Future research ought to investigate the
impact of co-designed brand narratives, Al-generated content, and creative collaborations on brand associations,
authenticity, and emotional engagement. Ethical and ownership issues in this domain remain insufficiently theorized.
Conclusion

This systematic review brings together a lot of empirical and conceptual studies that all show how Al is changing
CBBE in a big way. In numerous sectors, locales, and consumer demographics, Al technologies including as
customization algorithms, chatbots, predictive analytics, and generative Al have demonstrated considerable promise
to enhance critical aspects of brand equity, including loyalty, engagement, trust, and perception. companies may offer
more relevant, useful, and emotionally powerful experiences by using Al technologies. This improves the relationship
between consumers and companies in markets that are becoming more digital.

The review reflects ambivalent nature of Al in branding. Personalization and automation can help brands, but privacy
risks, ethical issues, and problems with authenticity are all big problems that could hurt long-term trust and loyalty if
they aren't dealt with. Contextual modifiers such as industry characteristics, cultural settings, and customer
demographics greatly impact the effect of Al on brand perceptions and actions, highlighting the necessity for tailored
and culturally sensitive Al branding strategies.

The discipline is methodologically characterized by a significant dependence on cross-sectional surveys and
quantitative modeling, coupled with emerging yet limited qualitative and Al-analytic approaches. There is an ongoing
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imperative for longitudinal, experimental, and multi-method research to clarify causal relationships and deepen
understanding of the complex impacts of Al on brand equity.

This review indicates that Al is altering brand-consumer relationships in both beneficial and detrimental ways. For
practitioners to be successful, there needs to be a balance between new technology, openness, ethical safeguards, and
brand authenticity. Researchers are still exploring the field, therefore they need more rigorous and standardized
methods to capture the complexities of Al-driven branding. But to fully use Al's promise in branding, we need to work
hard to solve ethical issues, protect privacy, and keep authenticity through responsible Al governance. Future research
and practice must pursue integrative, contextually pertinent, and ethically grounded Al branding frameworks to foster
enduring client trust and loyalty in the age of intelligent branding.

10.

11.

12.

13.

14.

15.

16.

REFERENCES
Ahmed, S. M. M., Owais, M., Raza, M., Nadeem, Q., & Ahmed, B. (2025). The impact of Al-Driven
personalization on consumer engagement and brand loyalty. Qlantic Journal of Social Sciences., 6(1), 311-
323. https://doi.org/10.55737/qjss.v-iv.24313
Alam, S. S. (2025). Impact of customer willingness to co-create and co-creation value of Al-oriented live
streaming on hotel booking intention. International Journal of Hospitality Management, 130, 104246.
https://doi.org/10.1016/j.ijhm.2025.104246
Alhitmi, H. K., Mardiah, A., Al-Sulaiti, K. I., & Abbas, J. (2024). Data security and privacy concerns of Al-
driven marketing in the context of economics and business field: an exploration into possible solutions. Cogent
Business & Management, 11(1). https://doi.org/10.1080/23311975.2024.2393743
Arora, J., Bali, S., Aggarwal, N., Mamgain, G., Sharma, T. (2025). Al-Driven Personalization Of Brand Voice:
Enhancing Customer Engagement And Brand ldentity. International Journal of Environmental Sciences,
11(3),935-944.
Bano, N. D. R., Azim, N. F., Mahmood, N. Z., Sanaullah, N. D. A., & Ali, N. D. O. (2025). The role of artificial
intelligence in personalized marketing: enhancing customer experience, predictive targeting, and brand
engagement. “the eeCritical Review of Social Sciences Studies, 3(2), 50-65. https://doi.org/10.59075/d94kvf44
Barnes, A. J., Zhang, Y., & Valenzuela, A. (2024). Al and culture: Culturally dependent responses to Al
systems. Current opinion in psychology, 58, 101838. https://doi.org/10.1016/j.copsyc.2024.101838.
Ben Khelil, H. (2025). The impact of ai-driven personalization on customer loyalty. Academy of Marketing
Studies Journal, 29(S4), 1-8.
Cheng, Y., & Jiang, H. (2021). Customer—brand relationship in the era of artificial intelligence: understanding
the role of chatbot marketing efforts. Journal of Product & Brand Management, 31(2), 252-264.
https://doi.org/10.1108/jpbm-05-2020-2907
Chow, Y. C. M., Ho, P. S. S., Armutcu, B., Tan, A., & Butt, M. (2025). Role of culture in how Al affects the
brand experience: comparison of Belt and Road countries. Asia-Pacific Journal of Business Administration.
https://doi.org/10.1108/apjba-09-2024-0510
Chung, M., Ko, E., Joung, H., & Kim, S. J. (2018). Chatbot e-service and customer satisfaction regarding luxury
brands. Journal of Business Research, 117, 587-595. https://doi.org/10.1016/j.jbusres.2018.10.004
CMB, 2024. New Research on Consumer Perceptions of Al shows a gap in Brand Trust. Consumer Marketing
Bulletin, [online] Awvailable at: https://esomar.org/newsroom/new-research-on-consumer-perceptions-of-ai-
shows-a-gap-in-brand-trust [Accessed 15 Sep. 2025].
Deryl, M. D., Verma, S., & Srivastava, V. (2023). How does Al drive branding? Towards an integrated
theoretical framework for Al-driven branding. International Journal of Information Management Data
Insights, 3(2), 100205. https://doi.org/10.1016/j.jjimei.2023.100205
Dong, Y. (2025). Implementation of artificial intelligence for brand equity. Cogent Business & Management,
12(1). https://doi.org/10.1080/23311975.2025.2471538
Dropuli¢, B., Krupka, Z., & Vlasi¢, G. (2022). BRAND EQUITY IN a DIGITAL AGE: SYSTEMATIC
LITERATURE REVIEW. Ekonomska Misao | Praksa, 31(1), 277-302.
https://doi.org/10.17818/emip/2022/1.13
Dwivedi, Y. K., Sharma, A., Rana, N. P., Giannakis, M., Goel, P., & Dutot, V. (2023). Evolution of artificial
intelligence research in Technological Forecasting and Social Change: Research topics, trends, and future
directions. Technological Forecasting and Social Change, 192, 122579.
https://doi.org/10.1016/j.techfore.2023.122579
Enshassi, M., Nathan, R. J., Soekmawati, N., & Ismail, H. (2025). Unveiling Barriers and drivers of Al adoption
for digital marketing in Malaysian SMEs. Journal of Open Innovation Technology Market and Complexity,
100519. https://doi.org/10.1016/j.joitmc.2025.100519


http://www.tpmap.org/

TPM Vol. 32, No. S7, 2025
ISSN: 1972-6325 ‘
https://www.tpmap.org/

Open Access

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

217.

28.

29.

30.

31

32.

33.

34.

35.

36.

37.

Fawal, A. E., Mawlawi, A., Zakhem, N. B., Baydoun, H., Yassine, D., & Kassably, C. (2024). The impact of
Al marketing activities on consumer-based brand equity: The mediating role of brand experience. Journal of
Infrastructure Policy and Development, 8(7), 3851. https://doi.org/10.24294/jipd.v8i7.3851

Febrian, A. (2025). The role of Artificial intelligence in increasing E-Commerce Brand Equity. Journal of
Technology Management & Innovation, 20(1), 61-73. https://doi.org/10.4067/s0718-27242025000100061

France, S. L., Davcik, N. S., & Kazandjian, B. J. (2025). Digital brand equity: The concept, antecedents,
measurement, and future development. Journal of Business Research, 192, 115273.
https://doi.org/10.1016/j.jbusres.2025.115273

Gao, B., Wang, Y., Xie, H,, Hu, Y., & Hu, Y. (2023). Artificial intelligence in advertising: advancements,
challenges, and ethical considerations in targeting, personalization, content creation, and ad optimization. SAGE
Open, 13(4). https://doi.org/10.1177/21582440231210759

Gao, B., Wang, Y., Xie, H., Hu, Y., & Hu, Y. (2023). Artificial intelligence in advertising: advancements,
challenges, and ethical considerations in targeting, personalization, content creation, and ad optimization. SAGE
Open, 13(4). https://doi.org/10.1177/21582440231210759

Guerra-Tamez, C. R., Flores, K. K., Serna-Mendiburu, G. M., Rables, D. C., & Cortés, J. |. (2024). Decoding
Gen Z: Al’s influence on brand trust and purchasing behavior. Frontiers in Artificial Intelligence, 7.
https://doi.org/10.3389/frai.2024.1323512

Girhan-Canli, Z., Sarial-Abi, G., & Hayran, C. (2017). Consumers and Brands across the Globe: Research
Synthesis and New  Directions. Journal of International Marketing, 26(1), 96-117.
https://doi.org/10.1509/jim.17.0063

Gursoy, D., Chi, O. H., Lu, L., & Nunkoo, R. (2019). Consumers acceptance of artificially intelligent (Al)
device use in service delivery. International Journal of Information Management, 49, 157-1609.
https://doi.org/10.1016/j.ijinfomgt.2019.03.008

Gutiérrez, M. M. G., Péez, J. J. P., & De Paula Gutiérrez Bonilla, F. (2024). Models of brand equity. A
systematic and critical review. Cogent Business & Management, 11(2).
https://doi.org/10.1080/23311975.2024.2433168

Hari, H., Sharma, A., Verma, S., & Chaturvedi, R. (2024). Exploring ethical frontiers of artificial intelligence
in marketing. Journal of Responsible Technology, 100103. https://doi.org/10.1016/j.jrt.2024.100103

Hue, T. T., & Hung, T. H. (2025). Impact of artificial intelligence on branding: a bibliometric review and future
research directions. Humanities and Social Sciences Communications, 12(1). https://doi.org/10.1057/s41599-
025-04488-6

Indrasari, M., Syamsudin, N., & Tampubolon, L. R. R. U. (2024). Enhancing SME product brand equity in the
digital age as strategic approaches in the era of artificial Intelligence. International Journal of Business Law
and Education, 5(1), 1139-1152. https://doi.org/10.56442/ijble.v5i1.512

Joshi, S., Bhattacharya, S., Pathak, P., Natraj, N., Saini, J., & Goswami, S. (2024). Harnessing the potential of
generative Al in digital marketing using the Behavioral Reasoning Theory approach. International Journal of
Information Management Data Insights, 5(1), 100317. https://doi.org/10.1016/j.jjimei.2024.100317

Keller, K. L. (2013). Strategic Brand Management: Building Measuring, and Managing Brand Equity, Global
Edition (4th ed.). Pearson Education.

Kumar, D., & Suthar, N. (2024). Ethical and legal challenges of Al in marketing: an exploration of solutions.
Journal of Information Communication and Ethics in Society, 22(1), 124-144. https://doi.org/10.1108/jices-05-
2023-0068

Kumar, V., Ashraf, A. R., & Nadeem, W. (2024). Al-powered marketing: What, where, and how? International
Journal of Information Management, 77, 102783. https://doi.org/10.1016/j.ijinfomgt.2024.102783
Laksamana, P., Saripudin, S., Suharyanto, S., & Cahaya, Y. F. (2024). Artificial intelligence-driven brand
strategy: Impact on awareness, image, equity, and loyalty. Journal of Infrastructure Policy and Development,
8(15), 10084. https://doi.org/10.24294/jipd10084

Langmade, L. (2025, April 7). The Al Effect: How Artificial intelligence is reshaping Brand Management —
VERGE. Retrieved from https://www.vergemarketing.agency/blog/ai-brand-management

Leong, C., Hua, W., Xiao, X,, Yu, J., & Zhou, Y. (2025). Value co-creation in a digital ecosystem: Exploring
autonomous co-creation in a digital influencer ecosystem. Information & Management, 104251,
https://doi.org/10.1016/j.im.2025.104251

Mariana, R., Kurniuawati,Masnita, Y. (2025). The Influence of Artificial Intelligence and Brand Experience on
Brand Equity in the Social Security Program for Workers. Jurnal Economic Resource, 8(2), 936-949.
Mukherjee, Anirban and Chang, Hannah, Emotional Appeals as Drivers of Social Media and Advertising
Engagement in Real-World Marketplaces: Using Al to Code Variables in Consumer Research (February 27,
2025). SSRN, 1-194. http://dx.doi.org/10.2139/ssrn.5153265


http://www.tpmap.org/
http://www.vergemarketing.agency/blog/ai-brand-management
http://dx.doi.org/10.2139/ssrn.5153265

TPM Vol. 32, No. S7, 2025 | 7| A / Open Access
ISSN: 1972-6325 ‘ '{rl l'g?-"
https:/Awww.tpmap.org/ n 1 e
38. Ojha, S.C., Kumar Gupta, R., Kulkarni, P., Vishnu Yedake, A., & Khandelwal. A. (2025). The impact of ai on

39.

40.

41.

42.

43.

44,

45.

46.

47.

48.

49.

strategic co-branding: enhancing brand equity through technology-driven alliances. Academy of Marketing
Studies Journal, 29(4), 1-15

Prabhakaran, V., Qadri, R., & Hutchinson, B. (2022). Cultural incongruencies in artificial intelligence. arXiv
(Cornell University). https://doi.org/10.48550/arxiv.2211.13069

Puntoni, S., Reczek, R. W., Giesler, M., & Botti, S. (2020). Consumers and Artificial intelligence: An
Experiential perspective. Journal of Marketing, 85(1), 131-151. https://doi.org/10.1177/0022242920953847
Roy, S. K., Tehrani, A. N., Pandit, A., Apostolidis, C., & Ray, S. (2025). Ai-capable relationship marketing:
Shaping the future of customer relationships. Journal of Business Research, 192, 115309.
https://doi.org/10.1016/j.jbusres.2025.115309

Saura, J. R., Skare, V., & Dosen, D. O. (2024). Is Al-based digital marketing ethical? Assessing a new data
privacy paradox. Journal of Innovation & Knowledge, 9(4), 100597. https://doi.org/10.1016/j.jik.2024.100597
Singh, P., & Singh, V. (2024). The power of Al: enhancing customer loyalty through satisfaction and efficiency.
Cogent Business & Management, 11(1). https://doi.org/10.1080/23311975.2024.2326107

Surikova, J., Siroda, S., & Bhattarai, B. (2022). The role of artificial intelligence in the evolution of brand voice
in multimedia. Molung Educational Frontier, 12(01), 73-103. https://doi.org/10.3126/mef.v12i01.45901

Teepapal, T. (2024). Al-Driven Personalization: Unraveling consumer perceptions in social media engagement.
Computers in Human Behavior, 108549. https://doi.org/10.1016/j.chb.2024.108549

Upadhyay, M. A., & Chitnis, P. (2021). Modern marketing using Al: Leverage Al-enabled Marketing
Automation and Insights to Drive Customer Journeys and Maximize Your Brand Equity (English Edition). BPB
Publications.

Verma, S., Sharma, R., Deb, S., & Maitra, D. (2021). Artificial intelligence in marketing: Systematic review
and future research direction. International Journal of Information Management Data Insights, 1(1), 100002.
https://doi.org/10.1016/j.jjimei.2020.100002

West, A., Clifford, J., Atkinson, D. (2018). “Alexa, build me a brand” An Investigation into the impact of
Artificial Intelligence on Branding. The Business and Management Review, 9(3),32-331.

Wu, Z., Zeng, L., & Huang, Y. (2025). Influence of the characteristics of Al-generated advertising on
consumers' purchase intention. Journal of Arts & Cultural Studies, 4(1),1-17.
https://doi.org/10.23112/acs25061801


http://www.tpmap.org/

pER—mse———Rn, T, o
Fr "fuf\ % ;‘L. \‘\ [
TPM Vol. 32, No. S7, 2025 Open Access |+ |\  /
ISSN: 1972-6325 '1.55 '33"'
https://www.tpmap.org/ _J_ A "'-.-"1’ a B
Appendix A
Table Al. Description of studies included in the review
Auth | VY] Title Sou | Co | Ind | Consu | Al Meth | Brand | Mechanis | Cont | Key Findings/Outcomes Meas | Research
or(s) | e rce/ | un | ustr | mer Tool/ | odol | Equit | ms extua urem | Gaps/Lim
a Jou |[try | y/D | Segme | Tech |ogy |Vy Highlight | | ent itations
r rmal | /C | oma | nt/De | nolog Dimen | ed Mod Appr
ont | in mogra | y sions erato oache
ext phics Studie rs S
d
Pa Age Valida
kis Al (digit ted
The Impact Ql_a tan Digital | perso Brand Personaliz | al previo Y_ogng,
of Al- ntic ; loyalty . . digitally
. , .. | consu | naliza | Surv ation, nativ us .
Driven Jour Digi . , . . literate
2 . glo mers tion, | ey trust, es), Al personalizes experience, | scales, .
Ahm Personalizat | nal tal . engage - . sample;
0| . bal (mainl | chatb | (225, predictive | digita | boosts engagement, strongly | conve
ed et ion on of mar ment, . ) . Cross-
2 .| (on .| y<40, | ots, SEM analytics, | | boosts loyalty; data/ethics rgent/ :
al. Consumer Soci | . keti - . person . Y~ .| sectional,
5 lin social | predi | - . data litera | key discri
Engagemen | al ng - . alized . - not
.| efs media | ctive | PLS) .| privacylet | cy, minan
tand Brand | Scie . | experi | . h causally
Loyalty nces | ¢ active) analy ence 1cs tec bt robust
eni tics expos reliabi
ng) ure lity
Intt_ar Booki
nati suv | n
onal Al- o ir?tenti Cross-
Al-Driven Jour Touris | powe é’ 44) | on Personaliz Likert cultural
5 Customer nal Sa m/Tra | red en, a0e ation, Cultu scales: validity,
Co- of udi | Hos | vel live : 939€ | Effort re, WCC positively influences | longitudin
0 . . SEM | ment, . . . SEM;
Alam Creationin | Hos | Ar | pital | Consu | strea Sharing, Tech | learning and novelty values; al effects,
2 L : S i . , co- . . . L - Value
5 Hospitality | pital | abi | ity mers; | ming, | ~ | Creatio Learning, | Readi | mediates booking intentions s broader
Live ity a Young | perso Social, ness demograp
. ; ent n, . theory | .
Streaming Man Adults | naliza Hedonic hic
age tion Anal | value validation
g ysis dimen
men .
t sions
. | 2| Data Cog | Qa | Cros | Gener | Al Syste | Trust, | Privacy, Secto | Major concern for PRIS | Lacks
Alhit . - . . . -
. 0| securityand | ent | tar/ | s al, mark | matic | engage | security, r, privacy/cybersecurity, calls MA- quantificat
mi et : . : N e : . .
al 2| privacy Busi | glo | indu | B2B, eting: | litera | ment, transparen | firm | forinsurance, regulatory,and | based | ion,
' 4| concerns of | ness | bal | stry | digital | ML, | ture reputat | cy, size, | multilateral controls to SLR; | proposes

10


http://www.tpmap.org/

Fr "% \ A / i
TPM Vol. 32, No. S7, 2025 Open Access y A0  /
ISSN: 1972-6325 i '-F-"
https://www.tpmap.org/ 3 A "'-.-"1’ a B
Al-driven & (B2 | busine | big revie | ion, regulation, | techn | protect consumer trust/brand | qualit | but
marketing Man B/B | ss data w brand | insurance, | ology | value; emphasise issues ative doesn’t
in the age 20), analy risk technolog | adopt | including data patter | test
context of men e- tics, y ion confidentiality, distribution, | ns; framewor
economics |t com chatb readiness | stage | cyberattacks, fraud, and not ks, little
and mer ots, disinformation; and the need | empiri | on
business ce, cloud for transparency in the use of | cal sector/con
field: an busi , Al by marketing sumer-
exploration ness RFID professionals, highlighting specific
into the need to keep clients solution
possible aware of data practices. uptake
solutions
Inter i\i/rl1arke Chatb | Mixe Emotional
Al-Driven nati rgfes ofts, d Cons resonance
Personalizat P NLP, | meth . umer Likert | challenges
. onal sionals ] i Engag | Personaliz .
ion Of Senti | ods: X tech scales, | ; Need for
Jour , Al ement, | ation, .| Al enhances engagement and :
Brand ment | surve . readi . . - TAM | ethical
2 . nal develo Trust, Emotional satisfaction when combined
Aror Voice: Mar analy | v, - ness, . -~ model | framewor
0 . of Ind .| pers, . ? Loyalt | intelligenc . with human oversight; .
aet 2 Enhancing S keti sis, inter H Ethic Pri g , ks;
al Customer Envi | ia ng CoNSU | peco | view | ¥ € human o, rivacy concerns n(_)te ' Correl | Limited
' 5 Engagemen | " mers mme | s Brand | oversight, desi Preference for hybrid Al- ation eneraliza
9ag men (divers - ’ Authe | Transpare 9| human model ger
t And tal o ndati | conte nticity | nc n analys | bility
Brand . on nt y awar is beyond
Identity Scie demgg engin | analy eness Indian
nces raphic X
5) €s sis context
Bano The_ que of N Marke Chatb Qua_n Indus
Artificial Criti X ots, titati try
R, . ting Custo . . .
Azi Intelligence | cal Pa | Mar reco | ve Personaliz | (retai Sampling
zim . s .| profes mer : .
in Revi | kis | keti . mme | surve ation, I vs. Descri | not fully
F. : sionals . engage - , T _ ‘
Mah | 2 Personalize | ew | tan | ng + ndati |y+ ment predictive | servi | Al personalization highly ptive random;
d of gl | (reta on case f targeting, | ces), | effective (perceived by 78% | stats, regional
moo | O L . : consu . . | brand : .
4z |2 Marketl_ng. Soci | ob | il e- mers engin | studi engage automatio | mark | surveyed), improves _ regres and sector
Y Enhancing al al com es, es n, et engagement and ROI; ethical | sion, bias; deep
Sana | 5 . . (surve . ment, _ N . o
ullah Customer Scie | (mi |, V& pr_edl (Ama satisfa effluency, (deve | concerns noted intervi | longitudin
Experience, | nces | xe | med ctive | zon, - privacy/et | loped ews al effects
A, - . second ction, .
Ali Predlct_lve $tud d) |ia) ary a_naly !\letﬂ loyalty hics VS. not tested
o ' Targeting, ies data) tics, X, emer
' and Brand NLP | etc.) ging)

11



http://www.tpmap.org/

TPM Vol. 32, No. S7, 2025
ISSN: 1972-6325

Open Access

https://www.tpmap.org/ M
Engagemen
t
AI- eAdd/\cjglt - -
Aca based Custo Cultu - Limited to
q T Oored i p i | idated
The impact em | Tu 00 reco | Onlin | mer ersonaliz | ral o scales | ON€
y of | nis mme | e satisfa | ation, attitu | Al personalization strongly brand/cont
2 of Al- Mar | ia/ USETS, | ndati | surve | ction relevance | desto | boosts satisfaction and g ext, self-
Ben driven . Faceb - . o . Sunda ’
Kheli 0 ersonalizat keti | Oo | Tele ook on, y (7- | attitudi | of offers, priva | attitudinal loyalty; behavioral ] reported
| 2| P ng red | com data- | pt nal convenien | cy, loyalty more context- ' outcomes,
ion on sampl . - L Vesel, -
5 Stud | oo drive | Liker | and ce, telec | dependent; privacy can affect privacy/ac
customer ; e, both . ! Chaud
ies cas n 1), behavi | privacy om trust . ceptance
loyalty gender huri &
Jour | e S perso | SE oral concerns conte Holbr need more
nal naliza loyalty xt 00K) study
tion SEM
Igoyalt Likert
Chatb prefere . Bran -based Focused
Customer— | Jour Personaliz recog
brand nal MUIt usS ots nee, ation d nized | 2"

. . i- (FB purcha | . " . categ chatbots,
relationship | of indu | 9enera |\ se interaction o scales Us onl
inthe eraof | Prod I Quan | : - rya CMEs (chatbot marketing for yl

2| artificial | uct S 1 consu | 9" | titati | MY | informatio | P9 | efforts) directly/indirect] chat, | Potentia
Chen o (top on ct i ctly ' platform
& 0| intelligence | & us 30 mers Viber ve tru’st n type boost brand relationshipand | trust, bias
9 2| : Bra | A (n=1,0 surve ' .| accessibili P& 1 customer response; satisfa | . .
Jiang . bran , commi consu L Lo - limited
1| understandi | nd 72, Y ty, communication quality is ction,
ds), websi tment, . mer . Cross-
ng the role | Man mean SEM : entertainm | .. crucial loyalt | .
mes tes), satisfa digita i industry
of chatbot age . | age - ent, Y;
. sagi Al ction, . | depth,
marketing men 36) customiza . model
ng mess comm | confi . mostly
efforts t ; .. | tion fit
aging unicati dence - self-report
indice
on s
quality
Role of Asia H Banki | Surv | Brand . Natio | Al affected brand experience | Valida | Only two
. 0 Bank .| Interactio : .
2 culture in - ng custo ng ey, experi | nal and brand preference in both | ted countries,
Cho 0 how Al Paci Ko | Ban | mers chatb | PLS- | ence, iﬁformatio cultur | Hong Kong and Turkey. scales | only
w et 2 affectsthe | fic n Kin HK ots/A | SEM | prefere 0 e Multi-group analysis (7-pt | banking
al. brand Jour g g N , nce, ’ . uncer | revealed that customisation Likert | sector;
S experience: | nal & (300); assist | multi | loyalty customiza tainty | exerted stronger influences ) self-
L Tu Turke tion . ! L .
comparison | of ants - , trust avoid | on brand experience for the media | reporting,

12



http://www.tpmap.org/

TPM Vol. 32, No. S7, 2025
ISSN: 1972-6325

Open Access

https://www.tpmap.org/
of Beltand | Busi | rke y grou ance, | Hong Kong group, while tion/m | not
Road ness |y (398) p matur | interaction had a stronger oderat | generaliza
countries Ad ity, effect on brand experience in | ion ble
mini servi | the Turkey group; culture
strat ce moderates Al impact on
ion expec | brand experience
tation
S
I_nterac Luxu
tion, Iy
Jour Ko ?r?rtrfgﬁ conte Com
Chatbote- | " | rea | Lux |y surv Personaliz | & ositep
service and /Gl | ury Chatb | ey: N X high | Chatbots successfully .
2 of Y trendin | ation, - - . metric
Chun customer .| ob | retai ot Facto invol | replicate key service
0 . . Busi consu €ss, engageme . . sfor5
get 2 satisfaction ness al | mers (text- | r custo nt. trend veme | dimensions, boost loyalty, Servic
al. regarding lux | (fas ' | based | analy o ' ! nt, satisfaction, trend-
0 Res - global . mizati | convenien . e
luxury ury | hion ) sis, expec | consciousness :
earc brands on, ce ) dimen
brands ret |) SEM tation .
h ; proble sions
ail for
m- exper
solvin eXp
ience
g -
Al SJS?; ISoua Al branding doubles every Limited
Cog chatb | Syste | (CBB Pgrsonallz medi _1.61 years; E-WOM + AR VOSY m—depth_
ent - ation, E- integral to brand equity; . exploratio
Implementa . ots, matic | E a, . lewer,
. Busi . WOM, Anthropomorphism, lack of n of
2| tion of US | Cros | Gener | AR, revie | model) gener P keywo .
e ness . ) AR, . explainability and negative
0| artificial Al | s al, voice | w : ation rd
Dong . ; & - . - anthropo . transparency concerns are Al
2| intelligence glo | indu | cross- | assist | (bibli | aware ) al: - trend, |
Man morphism, rising, as well as new impacts,
5| for brand bal | stry | sector | ants, | 0,co- | ness, Gen hall keep bal CBBE
equity age social | citati | loyalty trust, Zlonl | ChATIeNges to keep balance pyram cross-
men . influencer | - between short-term - cultural
medi | on) , ine id T
t .| lUGC : performance and long-term implicatio
a associ influe brand equi ns
ations ncers quity.

13



http://www.tpmap.org/

Faam e s fa
Fr "?ﬁ \ A / i
TPM Vol. 32, No. S7, 2025 Open Access |+ |\  /
ISSN: 1972-6325 i '33"'
https://www.tpmap.org/ _J _ A "'-.-"1’ a B
Biblio
- metric .
Mult Digit Struc Indus mappi Hee_1V|Iy
isect al Aware . review-
. tured Personaliz | try ng,
or: platfo ness, X based,
narra .| ation, type, model | |.
bank rms, . associ . - | little
Eko : Gener tive . omnichan | pand classif
Drop Brand ing, Al- . ations, - L . S causal
. o nom | Cr al - revie .| nel emic, | Brand equity is increasingly | icatio | . .
ulic, | 2| equityina hosp . drive percei | . . . insight,
o . | ska | oat | . " | (revie w integratio | cross | mediated by technology (Al, | n
Krup | O] digital age: . . italit n ved . need for
- misa | ia, w), (201 . n, IMC, - social, AR/VVR), calls for (Aake ;
ka, & | 2| Systematic . o | Y digital brand 1 quality - d Keti direct
Vlasi | 2| literature ol 90 | retai Igita touch | .. content gener | Integrated marketing, " empirical
. prak | bal consu . 2022 | | creation, ation | differentiated by industry Keller .
c review I, e- point loyalty evidence
sa mers ) - technolog | al, , ,
com S, .. | ,social on Al’s
bibli : y-enabled | produ Rust), | .
mer ARN media | : - impact on
omet . innovation | ct conce
ce, R, fic equity type i brand
tech loT P P metrics
cluster
S
Jour
nal . Cross-
- of SME Al- Qua_n Percel Cul Likert | sector
Unveiling SM titati | ved re, :
Barriers and Ope Eg | owner enabl ve Useful PLS- Indus scales, | compariso
2 . n .. | sand ed SEM, PU most influential; barriers | Validi | ns, long-
Ensh Drivers of Ma | Digi . surve | ness, try -
X 0 Inno emplo | digita TAM, .| such as organizational and ty term
assi Al - | lay | tal ) y Ease envir - - .
2 Lo vati . yees; | TOE, data constraints hinder tests, adoption
etal. Adoptionin sia | Mar (301) | of onme . .
5 . on .| manag | mark Data adoption SEM | studies,
Malaysian keti . . , Use, - nt, .
and erial eting . Barriers model | barriers
SMEs ng PLS- | Barrier Regu -
Tec level tools SEM | s lation ing beyond
hnol SMEs
ogy
The impact ‘rlgl" Leban Informatio :?r,]ank :égllsd_a SS:r:;mle
of Al ese Chatb ndelivery, | . g Al improves brand . ple,
. of . .1 | indus b . . point | banking-
marketing bankin | ots, accessibili experience mainly via - e
Fawa 2 activitieson Infr | Le | Ban erso Surv | Brand . information, accessibilit Likert | specific,
0 astr | ba | king g Pers ey + | experi v, . regio A Y scales | interaction
I et consumer- emplo | naliza customiza and customization; brand . .
2 uctu | no | (reta . PLS- | ence, . n- - . . (Chen | dimension
al. based brand : yees/ | tion tion (not . | experience partially mediates
4 o re, n il) SEM | CBBE | . . speci . S g& not
equity: The . market | platfo interaction | relationship with brand . S
. Poli . L fic . Jiang, | significant
mediating ing rms ), digital . | equity .
cy banki Trived | , cross-
role of staff channel . .
and ng 1, sectional

14



http://www.tpmap.org/

r

TPM Vol. 32, No. S7, 2025 Open Access
ISSN: 1972-6325
https://www.tpmap.org/
brand Dev (n=21 engageme | matur Koay | only,
experience | elop 1) nt ity, etal.); | Lebanese
men tech PLS- | context
t readi SEM, | limits
ness HTM | broader
T takeaways
Jour Webs Bran e Focus on
The Roleof | nal ite/a| Aware d {'ikert Indonesia
Aurtificial of P Surv | ness, Personaliz | credi | Al alone cannot directly - '
. Indone | p- . : o . . . scales, | mainly
Intelligence | Tec - ey, associ | ation, bility, | increase purchase intentions. X .
2| . Ind | E- siane- | based - . . . media | fashion/co
. in h SEM | ations, | customiza | produ | Brand equity’s mediating . .
Febri | O . on |com | comm | Al, . . - . - tion smetics/el
Increasing Mg . (242 | percei | tion,rapid | ct effect is needed to influence :
an 2 esi | mer | erce reco . - - (VAF) | ectronics
E- mt respo | ved info, categ | purchase intentions :
5 a ce custo | mme . S P , categories,
Commerce | & ndent | quality | chatbot ory, positively; credibility L
mers nder moder | limited
Brand Inno S) , access age, moderates effect - l
Equity vati syste loyalty educa ation generaliza
ms : analys | bility
on tion ic
Artificial
!ntelllgence Targe Lacks
n - ting Engag primary
Advertlsmg reco Syste g?geg[ti, Ad data,
Advanceme mme | matic ng, personaliz platfo Keyw empiricall
nder | revie . rm, 1Y
nts, Ch | Adv svste | w person | ation, user/ ord/bi Untested
Challenges, ina | ertis | Gener Y o .| alizati | dynamic . | Al enables advanced ad blio ’
2 : SA : ms, bibli . devic . S focuses on
and Ethical /Int | ing, | al, on, targeting, targeting/personalization/con | analys .
Gao | O - . | GE gener | omet h e S . advertisin
Considerati ern | cros | conce - . conten | creative tent and optimization, but is
etal. |2 : Ope . ative | ric, ; conte - . . . g not
onsin ati | s ptual/g t Al, ethics, faces privacy/ethics/data bias | with
3 . n Al, keyw . - xt, . general
Targeting, on | platf | lobal quality | privacy, . issues SLR, X
> NLP, | ord regio branding,
Personalizat al orm . , transparen cluster X
ion optim | co- optimi | cy n ing mainly
’ izatio | occur - audie technologi
Content zation
. n rence - nce cal
Creation, latfo effecti mechanis
and Ad Ems veness ms
Optimizatio
n

15



http://www.tpmap.org/

Faam e s .
7 T u |
Fr ) 1\ A /
TPM Vol. 32, No. S7, 2025 Open Access péé—"" ﬁ iL '
ISSN: 1972-6325 i 33"
https://www.tpmap.org/ | ¥
Al in
Fash
ion & Mexico
tech, | Gen Z com Quan Brand Al Ge_ne 7- only,
Fron _ merc < trust, ration .
. . beau | (n=22 titati exposure, point | youth-
Decoding tiers e, flow ,tech | Al exposure, favorable -
RN ty, 4, ve .| accuracy, . Likert | focused,
Guer GenZ: Al’s | in . reco experi - fluen | attitude, accuracy have
2| . . educ | univer surve attitude to N , path | cross-
ra- 0 influence Arti | Me atio | sitylyo mme ence, Al brand- | & positive impact on trust, analvs | sectional
Tam on brand ficia | xic YO ndati | ¥, purcha ‘ secto | which in turn led to higher analy ’
2 n ung (PLS Al ) . is survey,
ezet 4 trust and | 0 (you | consu on, se conaruenc | purchase; flow experience (PLS latform/s
al. purchasing | Intel Y affilia intenti g flow | mediates trust/effect; trust in P
- . th mers, SEM e, - o SEM), | ector
behavior lige te on, . enga | Aliskey for Gen Z decisions : .
nee prod | 18- mark | satisfa perceived eme media | determina
uct | 26) : CFA) - reliability g tion nt effects
focu eting, ction nt noted
9) influe
ncers
Trust, .
Syste | transp | Paradox: L_|terature
- . Cultu highly
Jour matic | arency | personaliz Keyw
. . : re e fragmente
Exploring nal Gene | lit ,brand | ation/unca Identifies six conceptual ord, .
) . (e.0., s . d, limited
ethical of Ind Gener | ral Al | revie | congru | nny clusters (ethics in marketing, | co-
2 - . Cros colle o . research
. frontiers of | Res | ia, al (NLP | w ency, valley/con .~ | trust/morality, info citatio
Hari | O . s- . . ctivis s on
artificial pons | GI |: (multi- |, (SPA | custo trol/privac asymmetry, algorithmic n and
etal. | 2| ., " ' indu . : .| m), . o En o consumer/
intelligence | ible | ob domai | chatb | R-4- | mer y/epistemi dilemma); highlights biblio
5| . stry . regul - - | -Al
in Tec | al n) ot, SLR, | experi |c responsible metric .
. " . atory . . . | branding
marketing hnol etc.) bibli | ence, virtue/tech lands research/innovation mappi | .
ogy omet | justice, | no-moral ng .
. : cape emerging
rics) | autono | virtues
markets
my
Impact of Hu cl Acade - Brand . Coun Us, UK’ India are tqp B|b||_o Lacks
i man | ob | Mult : Multi Personaliz producing countries; Al metric | focus on
artificial o . mic X loyalty X try, : - . N I
o ities | al, | i- . : ML, | Syste ation, research in branding surging | mappi | “how” in
intelligence I public |, . cultur L
and | wit | indu . chatb | matic automatio post-2019, major influence ng, real
2| on . ations, .| consu e, . . : o o
Hue . Soci | h stry ots, bibli n, content .| via social media/UGC; Six citatio | consumer
0| branding: a Scopu . mer . multi )
& S .| al co | (bro big omet generation school of thoughts were nand | markets;
2| bibliometric . S- . engage . - - e S )
Hung 5| review and Scie | unt | ader indexe data, | ric ment , social secto identified, which include: co- calls for
nces | ry | “bra NLP, | revie f communit integration of Al inbranding | author | more
future . d, . brand . r, . .
Co ma | ndin | . roboti | w . y, big data through chatbots, voice ship context-
research - interna image, | ¢ . tech -
directions mm | ppi | g7) tional | brand insights innov assistants, and Al analys | embedded
unic | ng a influencers; The intersection | is , empirical

16



http://www.tpmap.org/

TPM Vol. 32, No. S7, 2025 Open Access
ISSN: 1972-6325
https://www.tpmap.org/
atio author resona ation | of social media and Al in studies/in
ns ship nce level | brand management; The dustry-
influence of user-generated specific
content and marketer- work
generated content on
consumer behaviour and
brand development;
Leveraging advanced
analytical approaches in
branding through neural
networks, sentiment analysis,
and Al; Navigating
consumer experience,
insights, and branding
strategies in the Al age;
Crafting consumer
engagement strategies and
ensuring brand authenticity
in the Al era.
Joshi Inter 833! Lnnovatlo
'S, nati Gene | . S Indus Behav
Bhatt H . onal rative 'PdUC Not Creative try ioral -
arnessing tive . .| communic Limited to
achar the Jour | Ind Al appro explici ation exper Reaso expert
3S/a, potential of g?l I(Zx Digi | Digital g:;].?t ach, :%asu Speed/effi !?:ccﬁ ' q'll:gor perspectiv
Pétha 2 generative Info or tal market Canvl Expe red - ciency, nolo Innovation & personalization es; Need
kP |o Al in digital rmat ? mar | ing a rt focus Personaliz 9| are key drivers; Ethics & IP ¥rame for
N’atrlél 5 marketing ion int keti | expert Mi q inter on ation, Know concerns are major barriers; work. | consumer
. 5 using the Man | erv ng/ | s/profe Journ view adooti Predictive ledge Need for education & Quali,t studies;
JN A Behavioral ae | ie Gen | ssional o S on P analytics g regulation ative Cross-
Sellin.i’ Reasoning n?en WS eral | s [;/ AL (n=1 drivers | V8 Ethics, bultu thema cultural
j Theory t ) L-E 1), Ibarrie Security, ral tic validation
Py approach ' | Th Learning needed
Gos Data Adob matic | ™ barriers conte analys
wami Insi e) ’ xt is
analy Data
S. ghts . -
' sis quality
Ethicaland | SSR | Ind | Mar Al Quali | Trust, | Bias Regu | Ethical issues: bias, privacy, | Conte | Limited
Kum | 2 .. . | Gener . . . . . .
ar& | o Legal N ia; | keti al algori tative Transp | detection, | latory | job Q|spla(_:ement, _ nt empirical
Challenges | Wor | Ge | ng thms | litera | arency | Transpare | frame | manipulation; Legal issues analys | data;

17



http://www.tpmap.org/

TPM Vol. 32, No. S7, 2025 Open Access
ISSN: 1972-6325
https://www.tpmap.org/
Suth | 2| of Alin king | ner consu | in ture , ncy, work | including GDPR and is, Needs
ar 3| Marketing: | Pap | al mers mark | revie | Consu | Privacy- S, consumer protection; Case stakeholde
An er Ma eting | w mer enhancing | Cultu | Recommendations for hybrid | studie | rsurveys;
Exploration rke Protect | tech, ral Al-human approach, ethical | s Rapid tech
of Solutions tin ion Ethical norm | guidelines changes;
g framewor | s Scope
ks limited to
marketing
Ch Ecosy
na Digit Digit stem )
, . A stages | Single-
Value Co- . . al Quali | Conte | Distribute | al .
s Di | Digi | Influe . : country
creation in . platfo | tative | nt d content | agenc )
- Info | git | tal ncers, . . conten | case;
a Digital rms, | case | creatio | creation, Y,
2 . | rmat | al Influ | Platfor . t emergent,
Leon Ecosystem: | . Al study | n, aggregate | share | Ecosystem evolution stages, AR
0 ion Inf | ence | ms, - S genera | qualitative
g et Autonomou analy |, govern | moderatio | d actor participation, 4 A
2 M lue | rs, Consu | . : . tion, insights,
al. s Co- tics, inter | ance, n, space | governance mechanisms
5 . DPI | nce | Platf | mers, ! : . aggre | scope for
Creation of social | view | moneti | emergent | s, 4 o
) r orm | Regul - o gation | quantitativ
Influencer data S zation, | monetizati | data
Ec |s ators ' e
Ecosystems analy | (22) | trust on capab —_—
osy . e monet | validation
sis ilities -
ste 1zatio
m n
. . Generaliz
Social Self- Servi valida | ohility
securit ted L
The congru ce . limited by
y . Likert | _.
Influence of ity, conte single
. Artificial I iy .| consu | Personaliz | xt scales sector/cou
Mari . JER | Ind | Soci | (n=31 Onlin ; ; (factor -
Intelligence Chatb mer ation, state . . ntry; high
ana, , on |al 9), e Al boosts self-congruity and | loadin | ., »s
2| and Brand . - ots, empo empower enter : agree
Kurn . Tris | esi | Secu | ages surve . empowerment which has gs,
. 0| Experience . . Al werme | ment, prise, . rates
iawat 2| on Brand akti | a, rity/ | 17-60, data y+ nt congruity | Indon strong impact on brand Cronb suggest
i, & L Uni | Jak | Insu | mixed SEM ’ a . experience and equity; all ach’s 99
5| Equity in . analy brand | creation, esian possible
Masn . vers | art | ranc | jobs, . (AM - . hypotheses supported alpha) .
ita the Social ity |a e 490, | TiCS 09) experi | service work - SEM social
Security . ence, efficiency | er U desirabilit
with media o
Program for bachel loyalty demo tion y bias;
Workers \ , brand graph qualitative
or’s . : model | .
equity ics insight
degree S lacki
acking

18



http://www.tpmap.org/

Faam e s fa
Fr "% \ A / i
TPM Vol. 32, No. S7, 2025 Open Access |\  /
ISSN: 1972-6325 i '33"'
https://www.tpmap.org/ 3 A "'-.-"1’ a B
Medi
a Complex
. Al- type, Huma P
Emotional models,
. coded Engag cultur n/Al
Appeals as Sin - - not purely
; varia ement, al codin e
Drivers of ga Al- equity;
. ble ad conte g
Social por Instagr based only two
- . extra recall, xt Cross- .
Media and e/lg | Soci | am/Yo ction conte likes (hum valida emotional
Muk 2 Advertising lob | al uTube (Auto nt affec,t Emotion, or Al coding scalable and tion mechanis
herje 0 Engagemen SSR al med | users ML) codin (not humor, fit) accurate, but needs bias- bias,- ms; focus
e& tin Real- (fie | ia (large- Lol g+t . physical ‘ correction for causal ison
2 N emoti classic enga | . . . correc )
Chan World Id | adve | scale econ . appeal as inference; humor, excitement methods;
5 - onal equity . geme . ted
g Marketplac an | rtisi | dataset omet mediators drive engagement strongly - deeper
e appea | . but nt estima
es: Using d ng , ~real ric - brand
. Is trust/at metri tors, ;
Al to Code lab field) mode | .. .| impact
: ; (hum | |. titude c multip | .
Variablesin dat ling : . inferred,
or, adjace (likes le
Consumer a) hvsi nt) reares not
Research Pny ' 9 directly
cal) com sion
measured
ment
s)
Al . Mostly
ecosy Socio
Trust, conceptua
stems . econ New
) Conc | service . I, no
Gener | : eptua | quality omic conce orimary
al reco | P Personaliz | status | Four Al experience types ptual data
Consumers consu | mme : ' ation, , (data, classification, frame '
Jour All .| litera | empo e b . recommen
and mers, | ndati classificati | cultur | delegation, social) produce work,
2 e nal sect ture werme . . } ds
Punt Artificial Gl focus | on - . on, data e, mixed benefits/costs; resear -
: 0 - of ors revie | nt/dise : ; o empirical
oni Intelligence ob on syste capture, task privacy, misclassification, ch

2| . Mar (con w, mpow ; . study

etal. - An .| al user ms, social type, | empowerment/replacement; agend -

1 _— keti cept . . fram | erment . : . specificall
Experiential 0 ual) experi | voice | data delegation | devic | Alenabled productbranding | a, for
Perspective g ence assist ’ , control, e, achieves consumer scenar | 70

. k control s . ; . social/psy
(varie | ants, . . alienation | conte | satyisfaction io- :
build | , social ch impact
d) weara | . . Xt, based
ing experi . and
bles, regul logic o
. ence ; exploitatio
classi ation N response
fiers P
Roy | 2| Al-capable | Jour | Ind | Cros | Manag | Al, Qual | Strong | Sensing, Mark | Al enhances ability to Gioia
etal. | O] relationship | nal ia | s ers mach | inter | focus | seizing, et sense/transform metho

19



http://www.tpmap.org/

Faam e s fa
Fr "% \ | / [
TPM Vol. 32, No. 57, 2025 Open Access V48 Y,
ISSN: 1972-6325 '1.5,5 '33"'
https://www.tpmap.org/ - | - . "'-.-"1’ .
2| marketing: of indu ine view | on transformi | dyna | market/relationships; d,
5| Shapingthe | Busi stry learni | s (67 | (B2B) | ng, mism | barriers: integration/human three-
future of ness ng, mana | loyalty | personaliz |, oversight/Al knowledge aggre
customer Res dyna | gers), |, ation, digita gate
relationship | earc mic them | engage | automatio | | dimen
S h capab | atic ment, n, value matur sion
ilities dynam | co- ity, frame
ic creation resou work
capabi rce
lities base
Identifies privacy paradox in
Jour Al marketing; a strong Links
Sp Ethics, connection between between
IsAl-based | nal ; . . : . Syste
L ain | Al Gene privac | Personaliz | Tech | behavioral analytics, smart - Cross-
Saur digital of . . matic !
. , & ral Al \ ation vs cultur | content and metaverse is . device
a, 2| marketing Inno .. | Gener | . SLR, . . o S literat .
- - | Cr | Digi in behavi | privacy, e, identified, highlighting the tracking/d
Skar | O] ethical? vati al . MCA . X . . ure -
. oat | tal digita oral data priva | risks of this emerging . ata-driven
e, & | 2| Assessinga | on . consu (quan . o S revie
ia, | mar | analyti | dignity, cy technology in this research tech and
Dose | 4| new data & .| mers t) : ; 27 . w,
- Gl | keti mark Cs, privacy regul | field, asitis not linked to brand
n privacy Kno . . : : o . MCA .
ob | ng eting surveil | paradox ation | privacy or ethics; real-time - ethics
paradox wle . . inR -
dge al lance t_rackmg/survelllance not remain
linked strongly to unclear
ethics/privacy
Ind | Cust | 373
ia | ome | users
(m|r with
. . Al-
The power | Cog ulti | servi | recent powe Custo - Servi
: - ce Al- Struc Efficiency Al-Powered Customer
of Al: ent . red mer ce . s 5-7pt
. .| ind | (cro | power tured . , . Service has significant .
. enhancing Busi custo . satisfa . . inten L Likert
Sing | 2 ust | ss- ed onlin - satisfactio . positive impact on customer
customer ness . mer ction, sity, - . ,
h& |0 loyalty & ry, | indu | custo servic | € ercei | ™ task satisfaction and loyalty, and robust
Sing |2 Y foc | stry; | mer ) surve | P continuou perceived efficiency; -
through Man . e ved . comp | . . . validit
h 4 satisfaction | age | Y5 | & servic | oih | Y + officie | S Service, lexity interaction quality and /SE
g on |[com |e PLS- personaliz efficiency are key; strong y
and men . | ots, ncy, . ,tech i 7 M
. onl | mer | experi SEM ation statistical mediation shown
efficiency t . ML, loyalty trust
ine | ce, ence
. NLP
ser | onli | (gende
vic | ne r-
es) | platf | balanc

20



http://www.tpmap.org/

Faam e s fa
Fr "%. \ | / [
TPM Vol. 32, No. S7, 2025 Open Access |+ |\  /
ISSN: 1972-6325 -;Il;fl -.F.--
https://www.tpmap.org/ _J_ A "'-.-"1’ a B
orm | ed,
S) broad
age)
Lack of
Conce o
_ ptual Iongltgdln
Lat MUIt Quali | Aware Pe_rsonallz Type model al/plbllom
. ime . ation, etric
The Role of via | o Gener Anal | tative | ness, redictive of S mabbin
Surik Artificial IN ' ytics, |, loyalty P . platfo | Al is critical for evolving (brand | . bpIng,
. Bran | al, analysis, T . . infancy in
ova, | 2| Intelligence epa | . J TTS, | conte |, trust, - rm, brand voice, life cycle in Al- | voice .
X . ding | digital consistenc | .’ . . . empirical
Sirod | Of inthe Nep | |, chatb | nt engage digita | integrated branding, two-way | life
. , consu y, two- . - - brand
a, & | 2| Evolution JOL | mu Digi | mers ots, analy | ment, wa | integration architecture, cycle, voiceAl
Bhatt | 2| of Brand Itin 9 ' | brand | sis, brand way litera | interdependence of Al, Al .
. - O .| tal market - integratio S . . linkage,
arai Voice in ati monit | case | person cy, multimedia, and brand voice | integr
) . Platf | ers - . i n, .20 | need for
Multimedia on oring | studi | ality, .. | mark ation);
orm . authenticit more user-
al €s voice et case
S y centered
analys ;
i operationa
| research
Trend | Need for
Artificial Gene | SLR, Bran_d far?alys ense_mbl_ed
intelligence Indl. ral Al | bibli rela_tlo . Dom 5 applicatio
. J. nship; | Customiza | _.~. text n of
in Ind - omet ; ain/in . . .
2 L Info | . Cros | Gener . value tion, Al drives customer-centric co- semantic
Ver marketing: ia, broad | ric . dustr . .
0 - Mg s- al co- personaliz transformation butimpacton | occurr | knowledg
ma et Systematic Gl | , ML, | analy . . Y, - . )
2 . mt indu | consu . creatio | ation, brand equity varies by ence; |eand
al. review and ob NLP, | sis, S tech L . .
1 Data stry | mers n, predictive application descri | machine
future .| al deep | co- . doma i .
Insi S| o | trust, analytics . ptive, | learning
research learni | citati in
o ghts engage cluster | for deeper
direction ng on
ment analys | consumer
is insight
“Alexa, Busi U B2C, NLP, | Mixe | Custo Consisten Bran _ _ Intervi Cro§s-
West buildmea | ™S | k Gen | genera | chatb | d- mer ov of d Al improves operationnal ew sectional,
, 2| brand”: An and I’o eral | ots, meth | service b)r/an d type, | efficiency, delivery of brand codin | small
Cliff 0 Investi-atio Man gal indu | consu | mach | ods: , brand romise secto | promise, customer service, 9, sample,
ord, vestg age | . strie | mers, | ine qualit | promis promise, r, personalizes experience, but | open/a | technologi
1| ninto the ind . . efficiency, - . . :
& - men S, expert | learni | ative | e, : data | requires high-quality data, xial cal
.| 8| impact of ust . personaliz . . -
Atki Artificial t bran | s ng, (semi | person ation qualit | knowledge and clear codin | naivety,
nson Intelligence Revi ?(/) ding | (interv | voice | - alizati trustl Y, organizationnal alignment g, limited to
g ew iews) | searc | struct | on, ’ data expert | NLP/ML,

21


http://www.tpmap.org/

TPM Vol. 32, No. S7, 2025 Open Access
ISSN: 1972-6325
https://www.tpmap.org/
on (Co | nte h, ured | loyalty | sustainabil | avail valida | lacks
Branding nfer | xt reco inter |, brand | ity abilit tion, measurem
ence mme | view | experi y case ent of
) ndati | s), ence studie | emotive
on secon S branding
engin | dary
es data
Chin Limited to
Gener
ese ad
al 5- .
Surv cultur . characteri
Influence of Jour consu | Gene o e point stics—not
the nal mers; | rative (E/ike purcha | Entertain (yout Likert dee
Characterist n=337 | Al se ment, Y Informative value of Al ads (Duco P
Wu, . of Adv rt), - A . h, L . brand
2| ics of Al- . , (AIG intenti | informativ - drives intent most; ffe .
Zeng Arts ertis i case digita - . . equity;
0| Generated Ch | . balanc | C): .| on, eness entertainment and innovation | etc.),
, & - & . ing/ studi | . A cultural/m
2| Advertising ina ed ad engage | (strongest . significant but secondary; Al | regres
Huan Cult FM es, nativ . : arket
5| on ural cG gender | copy, multi ment, effect), es) can improve brand sion, difference
9 Consumers' Stud and poste le inform | innovative ad ' perception if well-designed validit s not
Purchase ; young | rs, P ation ness y
: ies - . regre conte controlled
Intention (major | video ; value check | . h
ity 18- ssion nt o : short-
doma term
24) : .
in metrics

22



http://www.tpmap.org/

