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Abstract

This systematic review synthesises empirical and conceptual research on the transformative role of 0 in
shaping consumer-based brand equity (CBBE). Drawing on 31 peer-reviewed studies published between
2016 and 2025, the review maps how Al technologies—including personalization engines, chatbots,
predictive analytics, and generative Al—affect key dimensions of brand equity such as awareness, trust,
loyalty, and engagement. Findings reveal that AI enhances consumer-brand relationships through
personalization, efficiency, and co-creation, while also generating risks related to privacy, ethics, and
authenticity. Contextual moderators including industry type, cultural environment, and consumer
demographics significantly condition AI’s effects, underscoring the need for tailored and culturally
sensitive strategies. Methodologically, most studies rely on cross-sectional surveys and quantitative
models, with limited use of longitudinal or mixed-method approaches. The review highlights critical gaps
in measurement standardisation, ethical evaluation, and economic impact assessment. Future research is
called to develop integrative, contextually grounded, and ethically robust frameworks to harness Al’s
potential for sustainable brand equity in the age of intelligent branding.

Keywords: Artificial Intelligence, Brand Equity, Consumer Engagement, Personalization, Privacy and
Ethics, Al-driven Branding

INTRODUCTION:

Brand equity, which used to mean the extra value a corporation gets from a product with a well-known name compared
to a generic one (Keller, 2021), has changed a lot since the digital age. Brand equity is basically how people feel about
a brand, how devoted they are to it, and how likely they are to buy it (Dong, 2025). With the rapid advancements in
artificial intelligence (Al) technologies, a new dimension termed Al-driven brand equity has emerged, referring to the
impact and value created through integrating Al tools and capabilities in brand management, marketing
communication, and consumer engagement (France, 2025). Al-driven brand equity refers to the ways that intelligent
automation, machine learning, and data analytics change how people and brands interact by making encounters more
personal, improving brand experiences, and changing how people think about trust and authenticity (Teepapal, 2025).
The significance of evaluating Al's impact on brand equity stems from the fundamental transformation Al introduces
in contrast to conventional brand equity approaches. Classical branding relied on static assets like company logos,
slogans, and advertising campaigns. Al, on the other hand, lets brands customize and connect with customers in real
time and on a large scale (Deryl, 2023). This change lets marketers gather a lot of information about their customers
and send them individualized messages that are based on their likes and dislikes, which makes the messages more
relevant and emotional (Ojha et al., 2025). Importantly, Al capabilities expand beyond customization to
include chatbots, predictive analytics, Al-powered content production, and sentiment analysis, all influencing
consumer perceptions and engagement in unprecedented ways (Indrasari et al., 2024). These technologies promise to
increase brand awareness, make people think the quality is better, and make customers more loyal—all of which are
important parts of brand equity (Upadhyay & Chitnis, 2021).

But using Al in branding can be both advantageous and challenging. Even though it could improve interactions
between consumers and brands, it also brings up big problems with privacy, ethics, and authenticity (Langmade, 2025;
Teepapal, 2025). Today, customers want individualized experiences, but they are becoming more cautious about how
their data is acquired and used (CMB, 2024). There are moral problems with Al algorithms that aren't clear, possible
biases, data misuse, and the loss of human touch in branding (Brand Equity Economic Times, 2023). These concerns
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have significant repercussions for brand trust and, consequently, brand equity, necessitating an understanding of both
the beneficial and detrimental pathways influenced by Al (Dwivedi et al., 2019). Additionally, cultural, industry, and
demographic settings impact how customers perceive and engage with Al-driven branding (Giirhan-Canli et al., 2018;
Alghaswyneh, 2025). For instance, collectivist societies may react differently to Al-driven communications compared
to individualistic cultures, owing to varying expectations of interpersonal warmth and trust (Gursoy et al., 2019;
Mariciuc, 2023).

Despite growing attention, the literature indicates numerous research gaps. Current research frequently concentrates
solely on technology efficacy or isolated dimensions, such as personalization, without systematically assessing
comprehensive brand equity results (Hue, 2025). There is an absence of comprehensive studies that amalgamate
marketing, management, and technological viewpoints regarding customer perceptions, engagement, and loyalty
within Al-driven branding contexts (France, 2025; Deryl, 2023). Moreover, measuring methodologies exhibit
significant variability, lacking adequate standards in assessing Al's influence on critical brand equity characteristics
(Gutiérrez, 2024). Contextual modifiers, including industry type, cultural contexts, and customer demographics, are
recognized yet insufficiently examined in comprehensive models (Prabhakaran et al., 2022; Indrasari et al., 2024). It
is important to note that the ethical risks and privacy concerns that come with Al-driven branding are generally talked
about independently from the effects on consumer involvement. This means that we need to look at both the good and
bad effects in a more complete way.

The necessity for this systematic review is emphasized by the subsequent points. First, marketers that want to use Al's
power while keeping real, trust-rich branding relationships need to know how Al technologies affect consumer-based
brand equity (Laksamana, 2024). Second, figuring out what causes good things like personalization and engagement
and bad things like privacy concerns and loss of authenticity is very important for creating balanced Al branding
strategies (Teepapal, 2025; Vergemarketing Agency, 2025). Third, looking into contextual moderators is a response to
the need for Al branding implementations that are sensitive to culture and demographics and that promote fairness
across different markets (Barnes et al., 2024; Kumar, Ashraf, & Nadeem, 2024). Finally, emphasizing measuring
methodologies and deficiencies directs forthcoming research towards the creation of standardized, multidimensional
measurements appropriate for the dynamic Al branding environment (Gutiérrez, 2024).

In conclusion, this review endeavors to bridge the fragmented scholarly discourse by integrating peer-reviewed
literature from marketing, management, and technology fields. It seeks to develop a holistic comprehension of Al-
driven brand equity, concentrating on customer perceptions, engagement, and loyalty, while highlighting the
interaction of Al-enabled mechanisms, ethical considerations, and contextual dynamics. This fundamental
understanding is crucial for researchers and professionals endeavoring to comprehend the intricate, revolutionary
effects of Al on brand equity in the era of intelligent branding.

METHODS

This systematic review employed a two-phase methodological approach: (1) search and selection strategy, and (2)
classification and analysis of the collected studies. This ensured transparency regarding the rationale, procedures, and
outcomes of the review process, adhering to rigorous systematic review standards.

1. Search and Selection Strategy

The review followed the Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA 2020)
guidelines to ensure methodological rigor and transparency (Page et al., 2021). Although originally developed for
health-related interventions, PRISMA 2020°s comprehensive framework is broadly applicable across social and
business-related systematic reviews, including those examining Al and branding (Page et al., 2021).

The initial literature search targeted scholarly databases including Scopus, Web of Science, Google Scholar, Ebsco,
and ScienceDirect. Using a combination of search terms such as “Al-driven brand equity,” “consumer perceptions Al
branding,” “Al personalization brand loyalty,” and related keywords, 5607 potential studies was identified. The focus
was on publications up to mid-2025 to capture the most recent advances in AI’s role in consumer-based brand equity.
Beginning in 2016, Al tools such as machine learning, chatbots, and natural language processing became increasingly
sophisticated and widely adopted in marketing and consumer engagement, thus marking a relevant era for
investigating Al’s tangible impacts on consumer-based brand equity (Dong, 2025; Hue & Hung, 2025). This timeframe
captures the critical phase when digital ecosystems matured enough for consumers to meaningfully interact with Al-
driven brand experiences, while also encompassing heightened attention to privacy, ethics, and authenticity issues that
emerged alongside Al proliferation (Alhitmi et al., 2024; Hari et al., 2025). Limiting the review to this recent decade
ensures inclusion of the most current and methodologically rigorous studies, reflecting today’s market realities and
preparing the groundwork for future Al branding strategies rooted in contemporary consumer behavior (Ahmed et al.,
2025; Roy et al., 2025). This approach aligns with best practices in systematic reviews, which emphasize balancing
comprehensiveness with relevance by focusing on research from periods marked by significant technological and
contextual developments.
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1.1. Screening and Eligibility

After removing duplicates and non-peer-reviewed materials such as conceptual papers, editorials, and book chapters,
5,053 records were excluded. The remaining 554 studies underwent full-text assessment for eligibility based on
predefined inclusion and exclusion criteria.

1.2. Inclusion and Exclusion Criteria

Studies were included if they: (1) empirically or conceptually addressed Al-driven consumer-based brand equity or
related constructs such as loyalty, engagement, or trust; (2) were published in peer-reviewed journals up to mid-2025;
(3) were written in English; and (4) offered measurement approaches or theoretical frameworks relevant to Al branding
effects.

Studies were excluded if they: (1) lacked Al branding focus; (2) did not address consumer perceptions or brand equity
outcomes; (3) were non-empirical without clear methodology; (4) were published beyond the inclusion period or in
other languages.

Following these criteria, 523 studies were excluded, resulting in a final set of 31 primary studies and reviews selected
for detailed analysis.

2. Classification and Analysis of Collected Studies

Selected studies were systematically reviewed, and key information on publication metadata (authors, year, journal),
Al tools and technologies studied, brand equity dimensions evaluated, research methodologies, and contextual
moderators was extracted. The reviewed studies were classified according to:

Research focus: brand building, measurement, or consumer engagement via Al.

Al technology type (e.g., chatbots, predictive analytics, generative Al).

Brand equity dimensions addressed (e.g., loyalty, trust, awareness).

Methodology: quantitative, qualitative, or mixed methods.

Contextual moderators such as industry sector, cultural environment, and consumer demographics.

This classification facilitated a comparative thematic analysis to identify patterns in mechanisms by which Al
influences brand equity (such as personalization, trust, ethical concerns), and to highlight research gaps in
methodology, measurement approaches, and contextual understanding.

Findings

The findings from the reviewed studies (see table Al in Appendix A) provide a structured understanding of how Al is
shaping consumer-based brand equity (CBBE) in diverse contexts. Guided by the research objectives, the evidence
was organised into four thematic areas discussed below.

1. How Al tools influence consumer-based brand equity

The review reflected that Al technologies — notably personalization engines, chatbots, recommendation systems, and
recent generative-Al tools — shape multiple facets of CBBE including brand awareness, perceived quality, brand
associations, and loyalty (Cheng & Jiang, 2021; Ahmed et al., 2025; Joshi et al., 2025). A dominant strand of evidence
indicates that AI’s capacity to tailor messages and experiences at scale strengthens perceived relevance and
engagement, which in turn improves brand preference and loyalty metrics (Ahmed et al., 2025; Bano et al., 2025). For
example, survey-based studies across retail and digital marketing contexts report positive links from recommender
systems and personalization to engagement and repeat purchase intentions (Febrian, 2025; Alhitmi et al., 2024).

Al tools such as chatbots, predictive analytics, recommendation engines, natural language processing (NLP), and
generative Al significantly influence key dimensions of CBBE. For instance, Ahmed et al. (2025) demonstrate that
Al-driven personalization enhances consumer engagement and strongly boosts brand loyalty among digitally savvy
consumers. The application of Al-powered chatbots and messaging further builds strong customer-brand relationships
by enhancing communication quality, as shown in the work of Cheng and Jiang (2021). Moreover, e-commerce
contexts benefit from Al tools like recommender systems that improve brand associations and perceived quality
(Febrian, 2025). Generative Al for advertising also contributes positively by enhancing the informativeness and
innovativeness of brand ads, which affects purchase intention and brand perception (Wu, Zeng & Huang, 2025; Gao
et al., 2023).

Beyond personalization, Al affects brand equity via operational improvements — faster response times, 24/7 service
through chatbots, and seamless information retrieval — which enhance service quality perceptions and satisfaction
(Cheng & Jiang, 2021; West, Clifford & Atkinson, 2018). More advanced Al (e.g., generative models) also influences
brand imagery and creativity: several recent studies suggest generative tools enable new forms of brand storytelling
such as Al influencers and co-creation with consumers, broadening brand associations and innovation perceptions
(Joshi et al., 2025; Dong, 2025).

However, the influence is not uniformly positive. Multiple studies flagged that benefits are contingent on data quality,
transparency, and the perceived authenticity of Al-mediated interactions (Dropulic et al., 2022; Fawal et al., 2024).
Where consumers detect intrusive profiling, opaque use of data, or robotic/inauthentic communication, the same Al
features can erode trust and damage brand associations (Gao et al., 2023; Roy et al., 2025). In short, Al acts as a
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powerful lever for CBBE but produces both enhancement and erosion paths depending on implementation and
consumer interpretation (Chow et al., 2025; Surikova, Siroda, & Bhattarai, 2022).
The network map (figure 1) visually illustrates the relationships between Al tools and technologies and the dimensions
of consumer-based brand equity (impacts). Red nodes represent Al applications such as personalization, chatbots, and
predictive analytics, while blue nodes represent outcomes including trust, loyalty, engagement, and authenticity. The
connections highlight how specific Al interventions directly influence consumer perceptions and brand-related
outcomes, reflecting the pivotal role of intelligent branding in shaping brand equity.

Al Factors and Brand Equity Impacts {(Objective 1)
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Figure 1. Network Map Linking Al Tools to Brand Equity Dimensions

2. Mechanisms driving positive and negative outcomes

The review reveals a coherent set of mechanisms by which Al drives brand outcomes:

2.1. Positive Mechanisms

Personalization is repeatedly identified as the foremost driver of brand loyalty and engagement across diverse contexts
(Ahmed et al., 2025; Ben Khelil, 2025). Singh and Singh (2024) show that Al-powered customer service enhances
satisfaction, perceived efficiency, and ultimately customer loyalty through efficient and personalized interactions.
Predictive targeting and automation also boost brand engagement by improving marketing precision and operational
efficiency (Bano et al., 2025; Joshi et al., 2025). Trust is another critical mechanism influenced by Al transparency
and ethical use, as reflected in multiple studies (Cheng & Jiang, 2021; Hari et al., 2025). Arora et al. (2025) emphasize
the importance of emotional intelligence and human oversight in Al systems to foster authenticity and prevent
alienation. The mediating roles of brand experience and consumer empowerment are demonstrated by Mariana,
Kurniawati, and Masnita (2025), who find AI’s personalized services strengthen self-congruity and brand loyalty.

In relation to convenience and efficiency, automation (chatbots, voice assistants) reduces friction in transactions and
service recovery, which improves perceived service quality and brand trust (Cheng & Jiang, 2021; West, Clifford &
Atkinson, 2018). In relation to co-creation and innovation: Generative Al and customizable interfaces enable
consumers to co-create content and products, enhancing brand distinctiveness and emotional attachment (Joshi et al.,
2025; Dong, 2025). Furthermore, predictive analytics help brands anticipate needs (dynamic offers, inventory), which
can strengthen the brand’s competence image and perceived quality (Roy et al., 2025).

2.2. Negative Mechanisms

Privacy risks and ethical dilemmas around data misuse, surveillance, and bias constitute significant barriers in Al-
driven branding (Alhitmi et al., 2024; Saura, Skare & Dosen, 2024). Alhitmi et al. (2024) advocate for multilateral
controls and transparency to protect consumer trust and brand reputation. The privacy paradox identified by Saura,
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Skare, and Dosen (2024) underlines the tension between consumers’ desire for personalization and their privacy
concerns.

Authenticity challenges stem from AI’s potential to produce robotic, less emotionally resonant brand communications
(Puntoni et al., 2021; Surikova, Siroda & Bhattarai, 2022). Kumar and Suthar (2023) highlight ethical risks such as
algorithmic bias and disinformation, calling for hybrid AI-human models to ensure responsible Al branding practices.
These ethical frontiers are also emphasized in Hari et al. (2025), who discuss the paradoxes of personalization and
privacy in Al marketing. In relation to expectation inflation and disappointment, highly personalized promises that the
brand cannot consistently meet (e.g., personalization without product availability) can backfire and reduce perceived
reliability (Febrian, 2025; Chow et al., 2025).

Overall, it can be observed that mechanisms are two-sided: personalization and automation are central levers, but their
design, transparency and fairness determine whether they strengthen or weaken brand equity (Ahmed et al., 2025; Roy
et al., 2025).

3. Contextual Moderators Influencing AI Impact on Brand Equity

3.1. Industry Type

AT’s impact varies across industries. Digital marketing and telecommunications sectors exhibit strong benefits from
Al personalization and recommendation engines, especially among tech-savvy consumers (Ahmed et al., 2025; Ben
Khelil, 2025). Banking and financial services show mixed effects where information accessibility and customization
are important, though interaction effects may be limited (Fawal et al., 2024; Chow et al., 2025). Luxury retail
emphasizes experiential Al features enhancing trendiness and engagement (Chung et al., 2020).

3.2. Cultural Environment

Culture substantially moderates Al’s brand impact. Chow et al. (2025) document variations between Hong Kong and
Turkey, where national culture influences whether customization or interaction drives brand experience. Guerra-
Tamez et al. (2024) confirm that Gen Z consumers’ trust in Al is shaped by cultural attitudes toward technology and
brand congruence. Privacy regulation and cultural norms further condition Al acceptance (Alhitmi et al., 2024; Saura,
Skare & Dosen, 2024).

3.3. Consumer Demographics

Age, digital literacy, and generational differences influence Al brand perceptions. Younger, digitally native consumers
display higher trust and engagement with Al tools (Ahmed et al., 2025; Guerra-Tamez et al., 2024), while older or less
tech-literate populations may harbor greater privacy and ethical concerns. Technology readiness and experience level
also moderate satisfaction with Al-powered customer service and personalization (Singh & Singh, 2024; Arora et al.,
2025).

3.4. Brand credibility and category fit

The same Al feature produces different responses depending on brand equity baseline: strong, credible brands can
deploy Al more liberally without immediate reputational harm, while weaker brands risk undermining trust if Al fails
(West, Clifford & Atkinson, 2018; Febrian, 2025).

3.5. Regulation and data governance

Jurisdictional differences in data protection and algorithmic transparency shape consumer expectations and legal risk,
acting as a macro moderator across studies (Fawal et al., 2024; Roy et al., 2025).

4. Measurement approaches and research gaps

4.1. Measurement strengths

Most empirical studies in the dataset employ validated survey scales (Likert), structural equation modelling
(SEM/PLS), and experimental designs to capture mediating mechanisms such as trust, perceived personalization, and
satisfaction (Cheng & Jiang, 2021; Ahmed et al., 2025). Several papers combine objective engagement metrics (clicks,
click-through rates) with attitudinal measures, which is a methodological strength (Bano et al., 2025; Febrian, 2025).
Emerging measurement innovations include Al-driven content analysis and machine learning to code social media
emotional appeals (Mukherjee & Chang, 2025). Qualitative approaches involving expert interviews and thematic
analysis complement quantitative findings by exploring adoption barriers and ethical frameworks (Roy et al., 2025;
Joshi et al., 2025).

4.2. Research Gaps

Several limitations prevail. Most studies are cross-sectional, limiting causal inference on Al’s long-term effects on
brand equity (Ahmed et al., 2025; Dong, 2025). There is a distinct paucity of empirical work addressing the negative
consequences of Al such as privacy violations, ethical conflicts, and authenticity loss (Hari et al., 2025; Dong, 2025).
Several papers use convenience samples (students or platform panels) and focus on digital retail or single national
contexts, limiting generalisability (Cheng & Jiang, 2021; Dropulic et al., 2022). In addition, there is a shortage of
longitudinal and field experiments that capture how consumer perceptions evolve with continued Al exposure (Roy et
al., 2025; Joshi et al., 2025).

Research is often sector-specific (e.g., e-commerce, banking) and geographically constrained, limiting generalizability
especially in emerging economies (Fawal et al., 2024; Mariana, Kurniawati & Masnita, 2025). There is also
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inconsistent attention to hybrid Al-human interaction models, which may enhance ethical branding and trust (Arora
et al., 2025; Kumar & Suthar, 2023). While many studies measure attitudes, fewer link Al interventions to hard
economic outcomes (e.g., CLV, churn rates) in longitudinal settings (Febrian, 2025), reflecting insufficient behavioral
outcomes. Standardization in measurement and definition of Al-specific brand equity constructs is lacking, resulting
in fragmented findings (Verma et al., 2021; Dong, 2025). Considering fragmented operationalization of Al constructs,
studies label diverse technologies as “Al” but use inconsistent operational definitions, making cross-study synthesis
difficult (Gao et al., 2023; Chow et al., 2025).

Future Research Directions

The systematic review underscores multiple intriguing directions for future research on Al-driven brand equity.

1. Standardizing the conceptualization and measurement of artificial intelligence in branding.
Research frequently employs "AI" as a broad term to denote many technologies, including chatbots, recommender
systems, and generative platforms, lacking precise operational definitions. Future research should provide explicit
typologies and validated metrics that differentiate amongst Al functionalities (e.g., predictive, generative,
conversational) and assess their unique effects on CBBE. Longitudinal and experimental designs may enhance causal
models.

2. Enhancing methodological techniques.

The prevailing evidence is primarily derived from cross-sectional surveys, which constrain causal inference. Future
research ought to incorporate longitudinal field studies, natural experiments, and behavioral data (e.g., purchase
records, engagement logs) to examine the evolution of consumer trust and loyalty with prolonged Al exposure. Mixed-
methods approaches that integrate quantitative surveys with qualitative insights, such as interviews and ethnography,
can reveal profound consumer beliefs regarding authenticity, fairness, and privacy.

3. Analyzing moderators in greater detail.

. Contextual moderators have emerged as essential yet insufficiently examined. Future research could examine
industry sensitivity by contrasting high-trust areas, such as healthcare and banking, with transactional sectors,
including retail and entertainment.

. Cross-cultural variance, specifically the influence of privacy conventions, cultural values, and legislative
frameworks on consumer acceptance.

. Consumer demographics and digital literacy to evaluate generational disparities in perceptions of Al-driven
engagement.

4. Investigating ethical, equitable, and societal ramifications.

A persistent deficiency exists in the emphasis on prejudice, fairness, and explainability. Future research should
investigate how algorithmic openness, perceived fairness, and ethical safeguards influence brand trust and loyalty.
Comparative analysis of regulatory contexts (e.g., GDPR versus non-GDPR environments) helps elucidate the
influence of governance frameworks on brand equity outcomes.

5. Correlating AI implementation with economic and strategic brand results.

Most studies focus on consumer perceptions (trust, contentment, loyalty), although few link these to concrete
performance indicators such as customer lifetime value, churn reduction, or brand valuation. Future research should
examine how Al-driven equity correlates with financial and strategic results, allowing companies to measure the return
on investment from Al branding efforts.

6. Examining co-creation and generative artificial intelligence.

Generative Al facilitates innovative methods of brand-consumer co-creation. Future research ought to investigate the
impact of co-designed brand narratives, Al-generated content, and creative collaborations on brand associations,
authenticity, and emotional engagement. Ethical and ownership issues in this domain remain insufficiently theorized.
Conclusion

This systematic review brings together a lot of empirical and conceptual studies that all show how Al is changing
CBBE in a big way. In numerous sectors, locales, and consumer demographics, Al technologies including as
customization algorithms, chatbots, predictive analytics, and generative Al have demonstrated considerable promise
to enhance critical aspects of brand equity, including loyalty, engagement, trust, and perception. companies may offer
more relevant, useful, and emotionally powerful experiences by using Al technologies. This improves the relationship
between consumers and companies in markets that are becoming more digital.

The review reflects ambivalent nature of Al in branding. Personalization and automation can help brands, but privacy
risks, ethical issues, and problems with authenticity are all big problems that could hurt long-term trust and loyalty if
they aren't dealt with. Contextual modifiers such as industry characteristics, cultural settings, and customer
demographics greatly impact the effect of Al on brand perceptions and actions, highlighting the necessity for tailored
and culturally sensitive Al branding strategies.

The discipline is methodologically characterized by a significant dependence on cross-sectional surveys and
quantitative modeling, coupled with emerging yet limited qualitative and Al-analytic approaches. There is an ongoing
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imperative for longitudinal, experimental, and multi-method research to clarify causal relationships and deepen
understanding of the complex impacts of Al on brand equity.

This review indicates that Al is altering brand-consumer relationships in both beneficial and detrimental ways. For
practitioners to be successful, there needs to be a balance between new technology, openness, ethical safeguards, and
brand authenticity. Researchers are still exploring the field, therefore they need more rigorous and standardized
methods to capture the complexities of Al-driven branding. But to fully use AI's promise in branding, we need to work
hard to solve ethical issues, protect privacy, and keep authenticity through responsible Al governance. Future research
and practice must pursue integrative, contextually pertinent, and ethically grounded Al branding frameworks to foster
enduring client trust and loyalty in the age of intelligent branding.
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